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A note on the impact of the inclusion of an anchor number in 
the inflation expectations survey question 
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**Wilfrid Laurier University, Waterloo, Canada, Research Fellow, University of Stellenbosch, 
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Abstract: Inflation expectations surveys are receiving increasing attention. There is no optimal 
approach and often limited discussion of key characteristics of individual surveys. We use a 
South African dataset to argue that survey design should be given far more attention as it may 
undermine our ability to use the data with confidence. Users of survey data need to understand 
existing differences in survey design and the extent to which survey data reflect decision-making 
shortcuts under uncertainty as opposed to a true belief about what the public more generally 
really thinks expected inflation will be. 

Introduction 
Inflation	expectations	are	receiving	increased	attention.	If	they	are	anchored	(Woodford	
2005)	they	assist	with	central	bank	accountability	(Blinder	et	al.	2008)	and	improve	the	
efficiency	of	monetary	policy.	Expectations	are	measured	either	using	asset	prices	
(reflecting	the	expectations	of	financial	markets)	or	surveys	(different	social	groups).	
Household	surveys	are	becoming	more	prominent,	because	subjective	forecasts	are	‘hard	
to	beat’	(Faust	and	Wright	2013),	and	survey	data	capture	the	expectations	of	non-financial	
experts	essential	to	economy-wide	price	setting	behavior.	

However,	the	literature	pays	limited	attention	to	survey	design.	Survey	design	differs	
across	several	dimensions,	including	the	social	group	surveyed,	the	number	of	questions,	
whether	the	questions	are	qualitative	or	quantitative,	and	the	exact	phrasing	of	questions.	
There	is	no	optimal	approach,	and	limited	discussion	of	key	characteristics	of	individual	
surveys.	As	international	comparisons	of	inflation	expectations	become	more	
commonplace	there	is	also	a	risk	that	they	measure	different	things.	We	argue	that	some	of	
these	choices	are	crucial	to	the	validity	of	the	data.	Given	concerns	about	the	anchoring	of	

	

1	We	thank	Hugo	Pienaar	(Bureau	for	Economic	Research,	Stellenbosch)	for	sharing	the	
data,	and	acknowledge	financial	support	from	the	National	Research	Foundation	(Grant	
number:	93520).	
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expectations	and	ongoing	reviews	over	the	appropriate	level	of	inflation	central	banks	
should	aim	for,	more	attention	needs	to	be	paid	to	survey	design.	

We	are	also	influenced	by	the	heuristics	and	biases	literature	(Tversky	and	Kahneman,	
1974),	which	has	encouraged	more	rigorous	consideration	of		the	use	of	policy	to	influence	
behavior,	often	in	the	form	of	‘nudges’	(Thaler	and	Sunstein	2009).	We	use	South	African	
survey	data	to	explore	the	provision	to	respondents	of	historical	inflation	data	prior	to	
asking	their	inflation	expectations.	This	is	an	example	of	priming	(Coibion	et	al.	2020),	
which	Tversky	and	Kahneman	(1974)	argue	provides	survey	respondents	with	a	focal	
point.		

The	dataset	we	use	contains	two	samples	which	test	the	effect	of	the	inclusion	of	an	anchor	
number.	Both	samples	test	the	inflation	expectations	of	respondents,	firstly	without	
providing	the	historical	number,	and	then	with	the	historical.	However,	the	term	inflation2,	
used	in	Sample	A,	is	replaced	with	the	phrase	‘prices	in	general’	in	Sample	B.	The	Appendix	
provides	the	questions	posed.	This	allows	us	to	test	how	the	provision	of	prior	inflation	
(prices	in	general)	data	influences	household	respondents’	forecasts	of	inflation.	We	find	
that	only	28,5%	(28,15%)	of	the	October	2017	sample	kept	their	answers	unchanged	when	
the	question	included	the	historical	inflation	number.	This	observation	is	particularly	
strong	for	respondents	originally	deemed	‘less	rational’	(see	below)	before	the	provision	of	
historical	information.		

The validity of survey data 
The	Bureau	of	Economic	Research	(BER)	surveys	inflation	expectations	of	households	in	
South	Africa	(SA)	since	September	2000,	modelled	primarily	on	the	University	of	Michigan	
survey	of	consumers.		The	survey	microdata	includes	sample	weights,	a	procedure	often	
adopted	internationally,	to	allow	the	sample	to	be	adjusted	so	that	it	is	representative	of	
the	adult,	urban	and	metropolitan	population	of	SA.	

Well-created	data	should	be	both	reliable	(measurement	should	ensure	consistency)	and	
valid	(the	instrument	should	accurately	measure	the	characteristic	of	interest,	the	truth).	
Market	research	specialists,	AC	Nielsen,	usually	conducts	the	survey3	for	the	BER,	so	we	
assume	that	the	data	generated	are	reliable4.	Validity	is	determined	by	the	survey	

	

2	This	was	the	due	to	the	research	question	of	Pienaar	(2018),	which	is	not	relevant	to	this	
paper,	but	does	provide	additional	data	for	robustness	testing.	

3	For	the	quarter	reported	it	was	AC	Nielsen,	but	there	have	been	a	few	occasions	on	which	
the	quarterly	data	was	collected	by	Ipsos.	

4	A.C.	Nielsen	aim	to	ensure	that	data	‘remain	constant	throughout	variations	in	the	
measuring	process’	(Kaplan	and	Goldsen	1965),	by,	for	example,	using	a	range	of	well-
trained	interviewers	and	interviewing	a	large,	demographically	representative	sample	of	
2500	respondents	(Nielsen	2017).	
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questions	themselves,	which	are	designed	by	the	BER.	Two	criteria	along	which	validity	can	
be	assessed	are	predictive	ability	(a	characteristic	that	central	banks	and	other	analysts	are	
keenly	interested	in)	and	the	extent	to	which	empirical	evidence	aligns	with	theoretical	
expectations.	

Some	of	the	challenges	with	survey	generated	data	are	also	identified	by	Coibion	et	al.	
(2020).	These	include	the	representativeness	of	surveys,	“priming”	of	answers,	and	asking	
about	firm-specific	versions	of	‘inflation’	rather	than	aggregate	inflation.	

The Anchoring Heuristic 
The	anchoring	effect	is	a	judgmental	heuristic.	Tversky	and	Kahneman(1974)	argued	that	
this	is	used	regularly	by	individuals	to	reduce	the	amount	of	effort	required	to	make	
decisions	under	uncertainty.	Anchoring	emerges	when	individuals’	decisions	are	influenced	
by	the	provision	of	number	that	becomes	a	focal	point.	A	person’s	final	answer	to	a	
question	is	influenced	by	an	initial	value,	given	to	them	prior	to	a	response.		This	effect	has	
been	found	to	be	surprisingly	robust	(Furnham	and	Boo	2011),	being	identified	in	both	
laboratory	settings	(general	knowledge	and	probably	questions)	as	well	as	real	world	
settings	(such	as	legal	judgements,	valuation	and	purchasing	decisions,	forecasting,	
negotiation	and	self-efficacy).		

Does the inclusion of the anchor number influence respondents’ 
forecasts? Evidence from South Africa 
Relying	on	Pienaar	(2018),	we	consider	how	the	distribution	of	inflation	expectations	of	the	
full	set	of	respondents	in	Sample	A	differs	before	(question	A4)	and	after	(question	A5)	the	
inclusion	of	the	historical	inflation	number	in	the	survey	question.	As	illustrated	in	Figure	
1,	the	inclusion	of	the	anchor	appears	to	have	a	limited	impact	when	evaluating	the	full	
sample	-	the	mean	(𝑥)	and	standard	deviation	(𝑠)	are	reduced	modestly,	but	the	median	(𝑥#)	
is	unchanged.	In	essence,	the	anchor	number	causes	a	small	reduction	in	the	variance,	but	
the	median	expectations	remain	unchanged.	The	results	for	Sample	A	confirm	the	
robustness	of	these	findings	and	are	available	on	request.	
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Figure	1	Distribution	of	Expected	Inflation	responses	for	full	group	of	respondents	

	

	

	

Table	1	Descriptive	statistics	for	all	respondents	
Variable	 n	 min	 q1	 𝑥"	 𝑥̅	 q3	 max	 s	 IQR	 #NA	

A4	 1083	 0	 5	 7	 12.7	 10	 100	 16.6	 5	 192	

A5	 1176	 0	 6	 7	 9.0	 8	 100	 10.5	 2	 99	
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However,	these	aggregate	numbers	hide	valuable	information.	We	split	the	samples	into	a	
group	whose	expectations	before	the	inclusion	of	the	anchor	number	were	more	realistic	
(<	10%)	versus	those	that	were	less	realistic	(>	10%),	and	we	compare	the	extent	of	
anchoring	effect	within	each	of	these	groups.	The	10%	threshold	is	selected	because	90%	
of	the	estimates	are	below	10%	for	the	inflation	expectations	questions.	Hence,	the	
responses	above	10%	(unrealistic	forecasts)	are	treated	as	outliers5.		

Once	the	sample	is	divided	into	more	realistic	responses	before	the	historical	inflation	is	
supplied	versus	the	less	realistic	ones,	the	absence	of	uniformity	becomes	quite	clear.	The	
responses	of	the	more	realistic	respondents	are	influenced	only	modestly	by	the	inclusion	
of	the	anchor	number	in	the	question6,	while	those	of	the	less	realistic	respondents	change	
dramatically	(see	Figure	2).	The	descriptive	statistics	in	Table	2	show	that	the	provision	of	
the	anchor	number	affects	both	the	median	and	variance	of	the	group	of	respondents	that	
was	less	realistic	to	begin	with.		

To	formally	test	this	difference,	a	non-parametric	Wilcoxon	test	is	performed,	which	
confirmed	that	the	inflation	expectations	were	significantly	different	with	p	<	0.01	and	
moderate	effect	size	𝑟	=	0.726	for	sample	B	and	p	<	0.01	and	𝑟	=	0.765	for	sample	A,	as	
shown	in	the	bottom	portion	of	Figure	2.	

	

	

	

	

	

	

	

	

	

	

	

	

	

5	See	(Reid,	Siklos	and	Du	Plessis,	2019)	for	a	discussion	on	different	thresholds	and	the	
motivations	for	them.	

6	Results	available	upon	request.	
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Figure	2	Distribution	of	Expected	Inflation	responses	for	respondents	with	expectations	>10%		

	

	

Table	2	Descriptive	statistics	for	less	rational	respondents	
Variable	 n	 min	 q1	 𝑥"	 𝑥̅	 q3	 max	 s	 IQR	 #NA	

A1	 277	 11	 15.0	 25	 33.1	 50	 100	 23.2	 35.0	 0	

A2	 271	 2	 7.0	 8	 14.5	 14	 100	 16.3	 7.0	 6	
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A3	 256	 11	 15.8	 25	 34.7	 50	 100	 22.6	 34.2	 0	

A4	 251	 1	 67.0	 9	 16.3	 15	 100	 20	 8.0	 5	

	

Conclusions 
Since	CPI	inflation	in	SA	was	6.3%	in	2016	and	averaged	5.4%	over	the	preceding	five	
years,	we	considered	respondents	who	expected	inflation	rates	of	10%	or	more	to	have	
unrealistic	inflation	expectations.	Against	this	backdrop,	we	find	that	the	provision	of	
historical	inflation	in	the	survey	question	biases	expectations	in	the	direction	of	past	
observed	inflation	outcomes,	consistent	with	Tversky	and	Kahneman’s	(1974)	anchoring	
effect.	Hence,	if	households	are	provided	with	advance	information,	some	will	take	short-
cuts	when	deciding	what	they	believe	next	year’s	inflation	rate	will	be.	The	broader	
implications	of	our	results	are	two-fold.	First,	as	empirical	exercises	containing	inflation	
expectations	survey	data	have	mushroomed,	users	of	survey	data	need	to	understand	
existing	differences	in	survey	design.	Second,	if	communicating	information	in	a	credible	
manner	influences	how	respondents	feel	about	future	inflation,	central	banks	and	other	
analysts	need	to	better	understand	the	extent	to	which	survey	data	reflect	decision-making	
shortcuts	under	uncertainty	as	opposed	to	a	true	belief	about	what	the	public	more	
generally	really	thinks	expected	inflation	will	be.	

APPENDIX: QUESTIONS 
Question	A1:	By	about	how	much	do	you	expect	prices	in	general	to	increase	during	the	
next	12	months?	

Question	A2:	Over	the	past	five	years	prices	increased	by	on	average	5.4	per	cent	per	year.	
During	2016,	prices	increased	by	6.3	per	cent.	+	Question	A1	

Question	A4:	What	do	you	expect	the	rate	of	inflation	to	be	during	the	next	12	months?	

Question	A5:	Over	the	past	five	years,	the	rate	of	inflation	was	5.4	per	cent	per	year.	During	
2016,	the	rate	of	inflation	was	6.3	per	cent.	+	Question	A4	
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