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1. Executive summary 
This paper uses administrative tax and visa data to better understand the economic outcomes 
of Australian temporary migrants. We analyse economic outcomes of migrants while they hold a 
temporary visa alongside outcomes of permanent migrants who follow different temporary visa 
pathways. We consider these two outcomes together as they are inherently linked – any change 
to temporary migration policy is likely to impact both long and short-term outcomes.  

We find substantial differences in earnings of different groups of temporary migrants in both the 
short and long-term. While short-term differences are to be expected (temporary visas are 
designed to achieve a variety of economic and non-economic outcomes), we find these 
differences persist in the long-term. Permanent migrants who first entered the country through 
the Temporary Skilled program earn substantially more than permanent migrants from other 
pathways. International students who transition to a permanent visa earn substantially less 
than migrants from other pathways. Working Holiday Maker and direct-to-permanent pathways 
fall between these extremes.  

These differences are large. Permanent migrants who follow the Temporary Skilled pathway earn 
around 60 per cent more than those who arrive as an international student. Consequently, the 
composition of the temporary migration program, and the rate at which different migrants 
transition into the permanent migration program, have a meaningful impact on aggregate 
measures of Australian productivity and GDP. Temporary migrant pathways better explain long-
term outcomes of permanent migrants than does the permanent migrant program to which they 
belong.  

The goal of this paper is to provide an evidence base that can be used to make trade-offs 
between short- and long-term economic outcomes and other policy goals of the temporary 
migration program.  

- In section 3, we use administrative tax and demographic data from the Person Level 
Integrated Data Asset (PLIDA) to measure the economic outcomes of different groups of 
temporary visa holders. We then use Mincer regressions and Oaxaca-Blinder 
decompositions to understand why these outcomes occur.  

- In Section 4, we use PLIDA data to measure the economic outcomes of permanent 
migrants who follow different temporary visa pathways. We then use Mincer regressions 
and Oaxaca-Blinder decompositions to understand why these outcomes occur.  

- In Section 5, we compare the nominated occupations of migrants from visa applications 
with the occupation they are observed to work in post-migration. This analysis is 
consistent with Section 4 in the sense that migrants from student pathways have lower 
rates of occupational matching and higher downskilling rates than other migrants. This 
pattern is observed across occupations and persists long term. 

- In Section 6, we test whether higher earning temporary migrants from the Temporary 
Skilled and Graduate visas are more likely to move into the permanent migration 
program. We show that Temporary Skilled migrants are negatively selected (those that 
earn more are less likely to transition to a permanent visa), while Graduate visa holders 
are positively selected.  
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- In Section 7, we use the nominal freeze of the Temporary Skilled Migration Income 
Threshold (TSMIT) as a natural experiment to show how a change in temporary migration 
policy impacts the composition of the permanent migration program.  

- In Section 8, we show that migrant earnings are negatively correlated with firm-level 
migrant concentration, which provides another possible mechanism to explain 
differences in migrant earnings. 

- In Section 9, we suggest how the key insights from this paper can be used to improve the 
design of Australian visas.  

The analysis in this paper draws on the full population of temporary and permanent migrants 
granted visas in Australia since 1990. The availability of these data for analysis represents a 
step-change in our ability to understand the Australian migration program. Indeed, the key 
insight that temporary migration pathways predict long-term outcomes would not be 
observable without the ability to track visa pathways in PLIDA.  

Key implications for Australian migration policy 
The main policy insight from this paper is that the design of the temporary migration program 
has a large impact on the outcomes of the permanent migration program. Given the size of this 
effect, more selective targeting of temporary migration appears to be a practical option to 
improving permanent migration outcomes. We suggest four ways that this insight can be 
translated into visa design. 

Option one is to increase the share of employer sponsored migrants in the temporary migration 
program. This group has the best economic outcomes by some margin in both the short- and 
long-term. 

Option two relates to the permanent migration options for international students. This cohort 
performs very poorly compared to those of other permanent migrants. It has also grown 
significantly and is now the most common pathway for Australian permanent migrants.  We 
suggest three potential ways to improve this pathway, including a higher reliance on employer 
sponsorship, removing factors in the points test that prioritise Australian qualifications, and 
using the National Innovation Visa to provide a clear migration pathway to the highest 
performing international students.  

Independent visas work well in some occupations, but poorly in others. This suggests the third 
option: that occupation lists should be designed to apply points tested visas only in those 
sectors of the economy where they are shown to work. The system should rely on employer 
sponsored visas in other sectors.  

The classification of shortage drivers published by Jobs and Skills Australia is highly predictive 
of migrant outcomes. Migrants given visas to work in occupations classified as “Long Training 
Gap” are much more likely to work in their chosen occupation than those working in “Retention 
Gap”. This suggests a fourth option: that focusing the Australian migration program towards 
occupations characterised by long training gaps represents a simple way to improve the 
outcomes of the program.  
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2. Introduction 
The Australian temporary migration program has grown substantially in recent years. As of April 
2025, there are 2.8 million temporary migrants in Australia – around 10.8 per cent of the 
Australian population. This figure has grown from 1.6 million in December 2011. The importance 
of temporary migrants in the Australian labour market has similarly increased over the same 
period. In 2021-22, Temporary migrants earned around 10.9 per cent of all labour market 
income, up from 6.7 per cent a decade earlier. 

This growth in temporary migration is also reflected in the make-up of the Australian permanent 
migration program, as an increasing proportion of permanent migrants has previously held an 
Australian temporary visa.   

The goal of this paper is to improve our understanding of the economic impacts of these trends 
in temporary migration, and more generally to understand the role of temporary migration policy 
in shaping Australian economic outcomes. We investigate two measures of temporary migrant 
performance: 

- The amount that migrants earn while on different temporary visas. 
- The amount that permanent migrants earn after following different temporary visa 

pathways (the ‘pipeline effect’).  

Our analysis of the direct economic impacts of temporary migration suggests very large 
economic impacts. The analysis in this paper extends an existing body of research (including 
Varela and Breunig (2024), which applies similar approaches to permanent migrants). However, 
applying these techniques to measure pipeline effects is novel. The ultimate goal of this paper 
is to develop an evidence base that allows policymakers to consider measures of temporary 
migrant performance alongside other policy goals of the migration program.  

The Australian migration program targets high-earning migrants 
The Australian migration program is designed to be selective, in the sense that among its 
multiple policy goals, it attempts to select migrants likely to succeed in the Australian labour 
market. This is reflected in current policy. It is also reflected in various policy documents 
debating the design of the Australian migration program, such as Parkinson, Howe and Azarias 
(2023), Productivity Commission (2016) and Coates, Sherrell and Mackey (2021).  

Many good reasons justify Australia’s operation of a migration program that selects migrants 
more likely to succeed in the Australian labour market. Strong migrant outcomes benefit the 
non-migrant community, primarily through higher tax revenues and lower welfare payments. 
Strong economic integration, as evidence through high earnings, also supports the interests of 
migrants.  

The economic implications of selective migration programs are substantial. The importance of 
selective migration can be seen through a thought experiment in which all skilled migration is 
shifted to the highest earning category (permanent employer sponsored migrants). If the 
average economic outcomes of this group’s members are maintained, it would increase the 
productivity of the typical skilled migrant by around 12 per cent. As around 20 per cent of 
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workers in the Australian labour market have a skilled visa (Mackay, Coates and Sherrell 2022), 
such a change would increase aggregate Australian productivity by around 3 per cent over the 
long run. Such a change would also yield a substantial fiscal impact. Performing the same 
experiment with the FIONA model would yield a lifetime fiscal benefit of around $9.6 billion per 
year – around 1.7 per cent of the total Australian tax base.1 

Selective migration policy in a world of two-step migration 
Two-step migration is the name for a migration system in which permanent migrants typically 
first enter a country on a temporary visa (Gregory 2014). This form of migration pathway has 
become much more common in Australia and elsewhere. In Australia, around half of all 
permanent visa holders and two-thirds of primary migrants have previously held a temporary 
Australian visa.2  

However, the design of the migration program has not adapted to this change. Many parts of the 
migration program, including the broad architecture of selective migration, were designed in an 
era where one-step migration dominated. A key goal of this paper is to identify and measure the 
trade-offs present in two-step migration. 

In a one-step migration framework, selective migration works by identifying migrant 
characteristics (such as age, education and occupational qualifications) that predict migrant 
outcomes in Australia. The major policy decision in this framework is determining the relative 
reliance on independent visas (such as the Australian points tested visa) versus employer 
sponsored pathways. 

In a two-step migration framework, both the temporary and permanent migration program act 
as selection processes and the composition of the permanent program is determined by the net 
effect of these two processes.  This means that the optimal design of the permanent migration 
program depends on the selectiveness of the temporary program, and vice versa.  

In this paper, we identify three sets of economic parameters that can be used to understand 
two-stage migration and measure the trade-offs implicit in temporary migration policy.  

- The first is the degree of selectivity in the temporary migration program. This is the extent 
to which different temporary visas select migrants who are highly valued in the 
Australian labour market. 

- The second is whether the temporary migration program is achieving economic 
outcomes at the expense of other program goals (such as being driven by age or gender 
profiles). 

- The third is the extent to which temporary outcomes persist into the permanent 
migration program.  

We present evidence on each of these points. We show that different temporary migration 
programs have different average economic outcomes both while migrants are on a temporary 

 
1  Author’s calculation based on Varela et al. (2021). 
2 Author’s calculation based on administrative data described in Appendix A. 
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visa (Section 3) and after they transition to a permanent visa (Section 4). We also use Oaxaca-
Blinder analysis to show that these outcomes are not typically driven by gender or age profiles. 

Finally, we present two pieces of evidence showing the impact of temporary migration policy 
persists into the permanent program: 

- In Section 6, we compare the earnings of temporary migrants who get a permanent visa 
with those who do not. We show that in the Graduate visa program, higher-earning 
individuals are more likely to stay in Australia (positive selection) whereas in the 
Temporary Skilled program, higher-earning individuals are less likely to stay in Australia 
(negative selection). 

- In Section 7, we show that when the Temporary Skilled Migration Income Threshold 
(TSMIT) was frozen, it directly lowered the average earnings in the permanent employer 
sponsored program. 

Our principal conclusion is that changes to the temporary migration program have substantial 
long-term economic effects and indeed that selective temporary migration is likely to be a 
practical policy option to target economic outcomes in the permanent migration program. 
Another key finding is that while two-stage migration has the potential to create a more selective 
migration system than a one-step system (as the second stage can use information gathered 
during temporary migration), this potential remains unutilised in the existing Australian 
migration program. 

Categorising temporary migrant pathways 
The Australian temporary migration program and the pathways migrants take through this 
system is famously complicated. For instance, the 2023 Review of the Australian migration 
program (Parkinson, Howe and Azarias 2023) found that with around 100 visa subclasses, the 
Australian migration system is “overly complex and its operations opaque”. To draw out key 
patterns within this complex visa system, we focus only on the first temporary visa a migrant 
receives (excluding tourist and bridging visas) and group these visas into the following 
categories:3 

- Temporary Skilled visas 
- Student visas 
- Working Holiday Maker visas 
- Seasonal work visas 
- New Zealand visas 
- Other temporary migrants 
- No temporary visas (offshore applicants who enter Australia as permanent migrants) 

This categorisation is based only on the entry visa and does not consider the length of stay on a 
temporary visa or the number of temporary visas a migrant receives. Future work could extend 
the analysis in this paper to consider these aspects of the temporary migration program.  

 
3 This categorisation is based on the  Home Affairs classification of visas included in PLIDA. It is also 
consistent with the ABS treatment of visa pathways in ABS (2023).   
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A mapping between these visa categories and 3-digit visa codes is included in Appendix A.   

Data used in this project 
The analysis in this paper is conducted using administrative tax and visa data made available 
through Person Level Integrated Data Asset (PLIDA). We use the universe of visa grants from 
1993 onwards and tax data from 2010-11 to 2021-22. We also use the 2016 Census for 
information on migrant education levels, country of birth and English Language skills. Full 
details of the construction of the dataset are included in Appendix A. 

Analysis in this paper relies on the comparison of migrants in disaggregated visa classes, only 
possible using administrative data. The availability of these data for analysis represents a step-
change in our ability to understand the Australian migration program.  

What we don’t cover in this report 
Several topics closely related to the material in this paper remain unaddressed. These include: 

- Whether migrants earn less because of their temporary visa status (See Kroft, Norwich, 
Notowidigdo and Tino (2026)). 

- Whether long-term temporary migrant status impacts outcomes for those migrants? 
- Measuring the potential economic gains from our suggested adjustments to the 

temporary migration program. 



 8 

3. Economic outcomes of temporary migrants 
This section examines the economic outcomes of Australian temporary migrants. We first 
present aggregate measures of these economic outcomes derived from PLIDA data. We then 
use Mincer and Oaxaca-Blinder analysis to better understand why these outcomes occur.  

Earnings of temporary migrants 
Figure 3.1 shows the earnings of temporary migrants in the years 2010/11-2021/22 compared to 
non-migrants of the same age (standardised income). In other words, a value of one in Figure 
3.1 means that migrants earn the same amount, on average, as non-migrant Australians of the 
same age.4  

Figure 3.1 Standardised income by temporary migrant group5 

 

Figure 3.1 shows that Temporary Skilled visa holders are the only group of temporary migrants to 
earn more, on average, than the Australian population. Indeed, most groups earn substantially 
less than the Australian average, reflecting that most temporary visas do not prioritise economic 

 
4 This calculation uses the same approach as Varela and Breunig (2024), which allows for the direct 
comparison of results between the two papers. The calculation includes migrants and non-migrants with 
zero earnings. However, the research frame for this paper is based on the PLIDA spine and will not 
capture most migrants with zero income (Bernard et al. 2024). As this issue is less likely to affect non-
migrants, the results in Figure 3.1 will be slightly biased upwards—that is, the income of migrants will look 
better, on average, than they actually are because we have removed the zero incomes. For this reason, 
the majority of the analysis in this paper is conducted on the intensive margin only.  Our ability to capture 
whether people work or not is limited by our ability to observe those with non-zero incomes. 
5 Figure 3.1 is based on administrative data which doesn’t include information on hours worked. To 
complement this chart, we used ABS Tablebuilder to examine hours of work by groups of temporary 
migrants from the Australian Census. This calculation showed that temporary migrants worked slightly 
fewer hours, on average, than the Australian non-migrant population. Temporary Skilled migrants worked 
the most hours, while students worked the least. This comparison suggests that Figure 3.1 reflects both 
hours and wage effects. However, as these data draw on different samples and are subject to potential 
selection bias, it is not possible to determine the relative size of these two effects.  
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outcomes. COVID affects the last year of the data, as many temporary migrants worked more in 
that year than in previous years. 

Next, we show the share of total labour market income received by migrants on different 
temporary visas (Figure 3.2). We prefer this as a measure of labour market impact over a direct 
head count as it captures both hours and wage effects and removes issues around migrants 
who are only in the country for part of the year.  

Figure 3.2: Share of labour market income coming from temporary visa holders 

 

Figure 3.2 shows that the largest labour market contributions from temporary migrants come 
from New Zealand visa holders and those on Bridging visas. Recent significant increases in 
Graduate and Seasonal Work visas are not captured in Figure 3.2 as they occurred after the time 
period covered by our data.  

Summing the shares of labour market income attributable to temporary visa holders in Figure 
3.2 reveals a substantial increase in the total share of Australian labour market income paid to 
temporary migrants, rising from 6.7 per cent in 2010-11 to 11.9 per cent in 2021-22. This growth 
is mostly attributable to the Bridging visa category but Student and Graduate visa holders also 
contribute. Several information sources explain the boom in bridging visas (e.g. vSure (2019) 
and Rizvi (2020)). Earnings by migrants on Temporary Skilled visas fell over the period covered by 
Figure 3.2. 

Importance of temporary migrants to specific labour markets 
Next, we use the approach from Figure 3.2 to identify the importance of temporary migrants to 
specific Australian labour markets defined by geography and occupation. Figure 3.3 presents 
the share of income earned by temporary migrants in each Australian State and Territory. It 
shows that both the size and composition of temporary visa holders varies across states. For 
instance, New Zealand migrants and Temporary Skilled visa holders are more common in 
Western Australia, the Northern Territory and New South Wales.  
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Figure 3.3 Share of labour market income temporary visa holders, by State 

 

Figure 3.4 uses the same approach to measure the share of income earned by temporary 
migrants within selected occupations.6 This shows that certain occupations are much more 
reliant on temporary migration than others. These occupations also increased their in reliance 
on temporary migration over the research period, with the aggregate reliance on temporary 
migration rising to 34.9 per cent in “Food Trades” and 25.4 per cent in “Cleaners and Laundry 
workers”. 

 

 
6 We undertake these calculations for all 2-digit occupations.  These results are available upon request.  
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Figure 3.4 Share of labour market income temporary visa holders, by Occupation7 

 

Mincer analysis of temporary migrant earnings 
This section reports the results of a series of Mincer regressions that seek to explain patterns of 
temporary migrant earnings observed above (Mincer 1974). Specifically, we seek to answer 
three questions in this section: 

- What characteristics determine economic outcomes among temporary migrants? 
- Do the determinants of success of temporary migrants differ from those of permanent 

migrants and non-migrants?    
- Are there differences in the determinants of success for different temporary visa types? 

Pooled estimation by temporary and permanent migration 
We begin the analysis by estimating a pooled regression using data from 2010-11 to 2021-22 
that include all temporary migrants aged 21-60 of the following form.  

 
7 This occupational analysis is done using self-reported occupations from personal income tax returns. 
Those that don’t file tax returns are therefore missed in this analysis. This approach may therefore be 
impacted by the reduced need for Working Holiday Makers to file taxes. 
https://www.ato.gov.au/individuals-and-families/coming-to-australia-or-going-overseas/coming-to-
australia/working-holiday-makers  

https://www.ato.gov.au/individuals-and-families/coming-to-australia-or-going-overseas/coming-to-australia/working-holiday-makers
https://www.ato.gov.au/individuals-and-families/coming-to-australia-or-going-overseas/coming-to-australia/working-holiday-makers
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𝑙𝑜𝑔(𝑦)𝑖𝑡 =  𝛽0 + 𝜷1𝑿𝑖
𝑣𝑐𝑙𝑎𝑠𝑠  +  𝜷2𝑿𝑖𝑡

𝑎𝑔𝑒
+  𝜷3𝑿𝑖𝑡

𝑙𝑜𝑐𝑎𝑡𝑖𝑜𝑛 +  𝜷4𝑿𝑖𝑡
𝑜𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛

+  𝜷5𝑿𝑖
𝐸𝑛𝑔𝑙𝑖𝑠ℎ

+  𝜷6𝑿𝑖
𝑔𝑒𝑛𝑑𝑒𝑟

+   𝜷7𝑿𝑖
𝑐𝑜𝑢𝑛𝑡𝑟𝑦

+

 𝜷8𝑿𝑖𝑡
𝑦𝑠𝑎

+ 𝜷9𝑿𝑖𝑡
𝑦𝑠𝑎2

 + 𝜷10𝑿𝑖
𝑒𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝜷11𝑿𝑡

𝑦𝑒𝑎𝑟 
+   𝜀𝑖𝑡                  ( 1 ) 

Where: 

- 𝑙𝑜𝑔(𝑦)𝑖𝑡  is the log of taxable income with a pro-rata adjustment for the number of days 
an individual spends onshore. 

- 𝑋𝑖
𝑣𝑐𝑙𝑎𝑠𝑠 is a set of 8 dummy variables for temporary visa class. Bridging visa is the 

reference category.  
- 𝑋𝑖𝑡

𝑎𝑔𝑒  is a set of 7 dummy variables reflecting 5-year age bins. 21-25 is the reference 
category. 

- 𝑋𝑖𝑡
𝑙𝑜𝑐𝑎𝑡𝑖𝑜𝑛  is a set of 3 dummy variables for geographic location: inner regional, outer 

regional/remote and not linked. Metropolitan is the reference category. 

- 𝑋𝑖𝑡
𝑜𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛

 is a set of 43 dummy variables for 2-digit ANZSCO occupation. Education 
Professionals is the reference category. 

- 𝑋𝑖
𝐸𝑛𝑔𝑙𝑖𝑠ℎ  is a set of 5 dummy variables for self-reported English language skills from the 

2016 census.8  Speaks English “not at all” is the reference category. 

- 𝑋𝑖
𝑔𝑒𝑛𝑑𝑒𝑟  is a variable equal to one if an individual is female. 

- 𝑋𝑖
𝑦𝑠𝑎  is the number of years since an individual’s first observed visa. This is included as a 

quadratic term. 
- 𝑋𝑖

𝑐𝑜𝑢𝑛𝑡𝑟𝑦  is a set of 20 dummy variables for country of birth, based on the 2016 census. 
Born in India is the reference category.  

- 𝑋𝑖
𝑒𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 is a set of 7 dummy variables for highest level of education. High school 

education is the reference category. 
- 𝑋𝑡

𝑦𝑒𝑎𝑟  is a set of 11 dummy variables for financial year. 2010-11 is the reference 
category. 

Table 3.1 presents the results alongside a comparable regression for the permanent migrant 
population and the non-migrant population. (In the permanent migrant regression, 𝑋𝑖

𝑣𝑐𝑙𝑎𝑠𝑠  is 
replaced with categories for skilled, family and humanitarian, while the non-migrant regression 
excludes 𝑋𝑖

𝑣𝑐𝑙𝑎𝑠𝑠  and 𝑋𝑡
𝑦𝑠𝑎.) 

Table 3.1: Mincer regression estimates comparing temporary migrants, permanent 
migrants and non-migrants 

  
Temporary 
migrants 

Permanent migrants 
(pooled) Non-migrants 

Female -0.211*** -0.223*** -0.246*** 

PhD 0.488*** 0.455*** 0.524*** 

Masters 0.224*** 0.172*** 0.386*** 

Graduate Diploma 0.184*** 0.159*** 0.250*** 

Bachelor's degree 0.167*** 0.133*** 0.245*** 

Cert 3 or 4 0.003** 0.000 0.014*** 

Less than high school -0.056*** -0.018*** -0.085*** 

English Very well -0.048*** -0.042*** -0.055*** 

 
8 We use census data for English language and education rather than information from the visa 
application process. An advantage to using census data is that variables are comparable across migrants 
and non-migrants.  
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English Well -0.149*** -0.137*** -0.158*** 

English Not well -0.217*** -0.207*** -0.203*** 

English Not at all -0.228*** -0.231*** -0.212*** 

Inner regional -0.050*** -0.054*** -0.091*** 

Outer regional or remote 0.024*** 0.024*** -0.049*** 

Year since first visa 0.006*** 0.004***   

Years since first visa 
squared 0.000*** 0.000***   

Year ✓ ✓ ✓ 

Visa category ✓ ✓ x 

Two digit occupation ✓ ✓ ✓ 

Country of birth ✓ ✓ x 

Age ✓ ✓ ✓ 

R squared 0.34 0.33 0.27 

Observations 1625152 605434 737675 
 Levels of statistical significance are indicated by : * 10%; ** 5%; *** 1% 

The values in Table 3.1 are interpreted as the percentage wage premiums for different individual 
characteristics. For instance, temporary migrants receive a 48.8 per cent wage premium for a 
PhD compared to migrants with a high school level education. 

The results in Table 3.1 show an overall picture in which the determinants of income for 
temporary migrants, permanent migrants and non-migrants are broadly similar. In each case, 
education, English language skills and being male predict higher incomes.   

The returns to education are lower for both temporary and permanent migrants than for the non-
migrant population. This could be due to skills under-utilisation or differing qualities of 
education. 

Both permanent and temporary migrants have a smaller wage penalty for living outside of 
Australian capital cities compared to the non-migrant population. This is likely due to a 
selection effect – migrants are more likely to move to regional areas if they have employment in 
that region, while non-migrants may choose to live in these areas because they were born or 
have families there.  

Mincer analysis by temporary visa group 
Next, we estimate the regression in equation (1) separately by temporary visa group.9 The goal 
here is to understand whether some factors are more or less important in predicting the 
economic outcomes in particular groups of temporary migrants.   

Table 3.2: The results of Equation 1 estimated by temporary visa group.  

  Bridging 
Temp 
Skill Student Graduate NZ WHM 

Other 
temp 

Female -0.191 -0.239*** -0.269*** -0.078*** -0.252*** -0.077*** -0.090*** 

PhD 0.443*** 0.580*** 0.498*** 0.339*** 0.303*** 0.211*** 0.251*** 

Masters 0.152*** 0.363*** 0.271*** 0.101*** 0.208*** 0.111*** 0.057*** 

Graduate Diploma 0.169*** 0.225*** 0.155*** 0.086*** 0.152*** 0.107*** 0.095*** 

 
9 The only difference relative to Equation (1) is that the variable for visa category is dropped.  
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Bachelor's degree 0.141*** 0.233*** 0.157*** 0.045*** 0.142*** 0.061*** 0.058*** 

Cert 3 or 4 0.020*** 0.005 -0.026*** 0.043 0.005* 0.033*** -0.024** 

Less than high school -0.031*** -0.048*** -0.091** 0.023 -0.049*** -0.006 -0.078*** 

English Very well -0.034*** -0.064*** -0.052 0.004 -0.040*** -0.023** -0.003*** 

English Well -0.124*** -0.160*** -0.134*** -0.031*** -0.127*** -0.058*** -0.081*** 

English Not well -0.215*** -0.236*** -0.250*** -0.082*** -0.194*** -0.059*** -0.180*** 

English Not at all -0.255*** -0.304*** -0.313** -0.053 -0.195*** -0.085*** 0.094*** 

Inner regional -0.009** -0.054*** -0.091*** 0.008*** -0.033*** -0.010 -0.028*** 

Outer regional/remote 0.062*** 0.038* -0.003*** 0.074*** 0.014*** 0.010* 0.086 

Year since first visa 0.012*** 0.007*** 0.002*** 0.011*** -0.006*** 0.012*** 0.010** 

Years since first visa^2 0.000*** 0.000*** 0.000*** 0.000 0.000*** 0.000 0.000*** 

Two digit occupation ✓ ✓ ✓ ✓ ✓ ✓ ✓ 

Country of birth ✓ ✓ ✓ ✓ ✓ ✓ ✓ 

Age ✓ ✓ ✓ ✓ ✓ ✓ ✓ 

Levels of statistical significance are indicated by : * 10%; ** 5%; *** 1% 

While the broad patterns observed in Table 3.1 (that gender, education and language are 
important in predicting outcomes) can be seen in Table 3.2, we also see more variation in 
estimated coefficients. For instance, all visas exhibit a gender earnings gap, but it is smallest for 
Graduate and Other temporary migrants. The Graduate visa result may reflect that these 
migrants are early in their career, and that gender wage gaps typically emerge later in careers 
(see Goldin (2014)). However, analysis must also consider the generally poor economic 
outcomes for this group.  

Oaxaca-Blinder analysis of temporary migrant earnings 
We now use the approach of Oaxaca (1973) and Blinder (1973) to understand the extent to 
which differences in incomes between temporary migrant groups can be explained by 
differences in the observable characteristics of migrants. Specifically, this paper uses the two-
part Oaxaca-Blinder decomposition with the difference explained by covariates based on a 
pooled regression as suggested by Neumark (1988) to compare different groups of migrants. 

Following the derivation provided in Jann (2008), when comparing the average outcomes of two 
groups (A and B) using linear models of the form:10 

𝑌𝑖
𝐴 =  𝜷𝑿𝑖

𝐴 + 𝜀𝑖
𝐴                                                                                    ( 2 ) 

𝑌𝑖
𝐵 =  𝜷𝑿𝑖

𝐵 + 𝜀𝑖
𝐴                                                                                    ( 3 ) 

The difference in the average outcomes (E(YA ),E(YB)) between two groups can be decomposed 
into an explained component and an unexplained component. Specifically: 

E(YA ) – E(YB) = {E(XA)-E(XB)}.β*  + E(XA) (βA – β*) + E(XB) (β* − βB)                          ( 4 ) 

 

                                                           Explained                         Unexplained 

 
10 Note the algebra here uses vector notation. 
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The share of the outcome variable that is ‘explained’ by the covariates of the two groups (XA ,XB) 
is intuitive. For instance, the amount of earnings (Y) explained by gender is equal to the 
difference in the share of men, multiplied by the return to gender from a pooled model. The 
“unexplained” portion arises from two sources. One is differences in unobservable 
characteristics. The other is in differences to return to characteristics. Differences in returns to 
characteristics could arise from discrimination but could also arise from sources such as 
unobserved differences in the quality of characteristics (e.g., education obtained overseas as 
opposed to education obtained in Australia). Program specific factors (students aren’t 
supposed to work full-time) will show up in the unexplained component. 

Table 3.3 presents results from the Oaxaca-Blinder decomposition for seven different groups of 
temporary migrants. This analysis is based on the Mincer regressions from the previous section 
(the pooled regression is identical for each column and is the same as the main pooled model in 
Equation 1). In each case, the group of temporary migrants is compared with all other migrants 
(temporary and permanent).  

Table 3.3 Oaxaca-Blinder Decomposition of temporary migrant income 

 

Temporary 
skilled Student Bridging WHM Graduate  

New 
Zealand 

Other 
temporary 

Log income 11.313 10.534 11.034 10.636 10.856 11.100 11.088 

Log income (other 
migrants) 11.031 11.069 11.042 11.049 11.042 11.031 11.040 

Difference in income 0.282 -0.535 -0.008 -0.414 -0.186 0.068 0.048 

Explained 0.045 -0.322 -0.035 -0.326 -0.101 0.001 0.000 

Unexplained 0.236 -0.213 0.027 -0.088 -0.085 0.067 0.049 

Difference explained by:               

Age -0.005 -0.163 -0.030 -0.185 -0.096 0.004 0.002 

Country 0.009 -0.032 -0.011 0.028 -0.054 0.047 0.028 

Education 0.017 0.000 0.018 -0.029 0.049 -0.050 0.002 

English -0.007 -0.029 -0.011 -0.012 -0.019 0.041 0.004 

Gender 0.019 0.014 0.007 -0.005 0.007 0.004 -0.005 

Occupation 0.056 -0.114 0.010 -0.093 0.031 -0.023 -0.006 

Remoteness 0.000 0.001 0.000 0.001 0.000 0.000 0.000 

Years since migration -0.029 -0.039 -0.016 -0.041 -0.020 0.012 -0.024 

 

Table 3.3 shows that Temporary Skilled migrants earn 28.2 per cent more, on average, than all 
other migrants. Four and a half per cent of this difference can be explained by observable 
characteristics while the remainder is ‘unexplained’. Notably, this cohort is broadly similar to 
the Australian migration program in terms of gender, English language skills, country of origin 
and education. The only exception is the occupation profile – Temporary Skilled migrants work in 
higher paid occupations, which explains 4.5 percentage points of the earnings premium in this 
group. 

Migrants on Graduate visas earn 19 per cent less than the typical migrant. Of this difference, 10 
percentage points can be explained by observable characteristics, while 8.5 percent remains 
unexplained. Graduate visas have a large negative impact from country-of-origin effects, which 
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means that the visa is heavily weighted towards migrants from countries that have poor 
outcomes in the Australian labour market. 

As expected, visas that are not designed for employment (student and Working Holiday Makers) 
have lower average income than other visas. Within the Oaxaca-Blinder framework, these lower 
income levels show up as a negative ‘unexplained’ effect.For these visas, the Oaxaca-Blinder 
analysis allows us to examine the extent to which these programs select migrants with 
important labour market characteristics. For instance, student visa holders have the lowest 
English language skills of any temporary migrant group. Table 4.3 shows these patterns of 
selection persist into the permanent migration program. For instance, Table 4.3 shows that 
permanent migrants who arrived on student visas have lower English skills than other 
permanent migrants. 

Table 3.3 shows that different visas attract migrants from different countries. This differential is 
important for understanding migrant outcomes. Working Holiday Maker visas attract migrants 
from countries that (all else equal) do well in the Australian labour market, while student and 
Graduate visas attract migrants from countries that do relatively poorly in the Australian labour 
market (stronger in the Graduate than student visa program). Table 3.3 also includes English 
language effects correlated with country-of-origin effects and which should be interpreted in 
addition to country-of-origin effects. Table 4.3 reveals a similar country of origin effect in the 
outcomes of permanent migrants from different temporary pathways. It is not possible from 
these regression results to determine whether these country-of-origin effects are due to labour 
market discrimination, transferability of skills, or differing work preferences across migrants 
from different countries.  
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4. Economic outcomes of migrants following different 
temporary visa pathways 

This section of the paper examines the economic outcomes of permanent migrants who first 
arrive in Australia under different temporary visas. Specifically, we split the population of 
permanent migrants into groups based on their first Australian visa (excluding tourist visas and 
bridging visas).11 The analysis in this section mirrors the approach in the previous section. We 
first present a series of high-level descriptive results. We then use Mincer and Oaxaca - Blinder 
analysis to better understand these results.  

Figure 4.1 presents the Standardised income of permanent migrants with different initial visas. 
It shows that migrants from the Temporary Skilled pathway earn the most while those whose 
first visa is a family visa earn the least. 

Figure 4.1: Standardised income of permanent migrants, by visa pathway 

 

Calculation covers the full population of migrants aged 20-60 in the years 2010/11 – 2021/22. 

Next, we present the Standardised income of migrants split by both the first visa and the main 
permanent visa stream (Table 4.1).  This table shows that Temporary Skilled migrants 
outperform other groups across most visa categories while students earn less than the 

 
11 Full details of the methodology are provided in Appendix A. 
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Australian average in every permanent visa program. This pattern is also seen in bridging visas, 
also included in Table 4.1.  

Table 4.1: Standardised income of permanent migrants by first visa and permanent visa  

 Visa pathway 

Permanent visa 
Permanent 
Skill (offshore) Student 

Temporary 
Skill 

Working 
Holiday Maker 

Employer Sponsored 1.01 0.82 1.64 1.28 

Skilled Independent 1.14 0.95 1.95 1.26 

Skill - Regional 0.66 0.77 0.91 0.98 

Distinguished Talent 1.36 0.78 2.43 0.83 

Business 0.33 0.53 0.56 0.67 

Partner  0.65 1.28 0.81 

Skill secondary 0.56 0.61 0.74 0.86 

Bridging Visa  0.62 1.25 0.87 

 

Table 4.1 shows the importance of temporary migrant pathways in explaining long-term migrant 
outcomes. Outcomes show greater variation across rows (by visa pathway) than down columns 
(by type of permanent visa).  

Comparing Figure 4.1 and Table 4.1 we observe “Simpson’s Paradox” (Simpson 1951), where an 
apparent pattern in the data is reversed when we aggregate or disaggregate results. The two 
major components of the permanent migration program are the Employer Sponsored visa and 
the Skilled Independent visa. Comparing outcomes for these two programs shows the Skilled 
Independent program performing better for (almost) all temporary visa pathways. For instance, 
conditional on being an offshore applicant, the Skilled Independent program outperforms the 
employer sponsored program (1.14 compared to 1.01). This is equally true for the student and 
Temporary Skilled pathways and slightly lower for the Working Holiday Maker pathway. However, 
because the permanent employer sponsored program draws most heavily on the Temporary 
Skilled pathway, the average outcomes are highest for the permanent employer sponsored 
program. This paradox is also observed in the occupational matching and downskilling rates 
calculated in Section 5.  

The “Simpson’s Paradox” in Figure 4.1 and Table 4.1 provides important insight for ongoing 
policy debate between employer sponsorship and independent migration (Papademetriou and 
Hooper, 2019). It suggests employer sponsorship is very important at the temporary visa stage, 
but perhaps less important at the permanent visa stage.  

Next, we present the share of Australian labour market income earned by permanent migrants 
with different initial visas. Values in Figure 4.2 are in addition to the market shares of temporary 
migrants in Figure 3.2.  We show that, despite having poorer economic outcomes than other 
skilled paths, the student pathway has increased much faster than other pathways and is now 
the ‘main’ pathway to Australian permanent residency. 
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Figure 4.2: Share of labour income earned by permanent migrants, by visa pathway 

 

Mincer analysis by temporary visa pathway 
Next, we conduct Mincer regressions of permanent migrants separated by their first visa. These 
regressions use the same specification as in the previous section (Equation 1). 

Table 4.2 Mincer regression estimates, by first visa 

  
Temp 
skilled Student WHM 

Other 
temp 

Offshore 
skill 

Offshore 
family 

Female -0.271*** -0.361*** -0.146*** 
-

0.192*** -0.229*** -0.254*** 

PhD 0.290*** 0.533*** 0.306*** 0.395*** 0.406*** 0.579*** 

Masters 0.209*** 0.301*** 0.128*** 0.168*** 0.176*** 0.291*** 

Graduate Diploma 0.166*** 0.244*** 0.109*** 0.142*** 0.142*** 0.234*** 

Bachelor's degree 0.143*** 0.196*** 0.076*** 0.115*** 0.142*** 0.182*** 

Cert 3 or 4 -0.005 0.008 -0.003 0.001 0.013** 0.015 

Less than high 
school -0.061 -0.007 -0.019*** -0.019* -0.023** -0.075*** 

English  - Very well -0.044*** -0.041*** -0.041*** 
-

0.038*** -0.041*** -0.048*** 

English - Well -0.101*** -0.152*** -0.127*** 
-

0.110*** -0.145*** -0.180*** 

English - Not well -0.218*** -0.252*** -0.202*** 
-

0.179*** -0.237*** -0.235*** 
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English - Not at all -0.193*** -0.299*** -0.163* 
-

0.214*** -0.150*** -0.293*** 

Inner regional -0.150 -0.008*** -0.032*** 
-

0.075*** -0.031*** -0.096*** 

Outer regional or 
remote -0.047*** 0.030*** 0.049*** 0.000 0.063*** -0.021 

Year since first visa 0.005 0.003*** 0.018* 0.013*** 0.022*** 0.007*** 

Years since first 
visa^2 0.000 0.000 0.000 0.000 -0.001*** 0.000*** 

Two digit occupation ✓ ✓ ✓ ✓ ✓ ✓ 

Country of birth ✓ ✓ ✓ ✓ ✓ ✓ 

Age ✓ ✓ ✓ ✓ ✓ ✓ 

Levels of statistical significance are indicated by : * 10%; ** 5%; *** 1% 

Table 4.2 shows that the key determinants are similar across migrant groups. Higher levels of 
education and English language predict stronger outcomes for all migrant groups. A gender 
earnings gap appears for all groups.  

The return to years in Australia is lowest for the student cohort. Thus, the poor results within this 
cohort are not attributable to short-term effects and indeed, these migrants have a slower 
integration pathway compared to other groups presented in Table 4.2. This is consistent with 
patterns of occupational matching and downskilling calculated below in Section 5. 

When interpreting the results in Figure 4.2, it is important to note that some of the original 
cohort of temporary migrants have left the country and are not captured in these regressions. 
Therefore, results in Table 4.2 should be interpreted as the return to migrant characteristics 
conditional on staying in Australia (rather than as the integration pathway of a typical migrant).12 
The issue of estimating models based on migrants who remain in-country is explored in detail in 
Dustmann and Gorlach (2015). They note that conditional regression is the appropriate model 
for many policy questions (such as which migrant characteristics predict strong economic 
outcomes) but caution that these coefficients are not directly comparable to coefficients from a 
conventional Mincer regression. They also propose a structural estimation technique to 
separate out this selection effect. 13 

Oaxaca-Blinder analysis by temporary visa pathway 
Table 4.3 presents results from the Oaxaca-Blinder decomposition for six different groups of 
permanent migrants based on their visa pathway. This calculation follows the same 
specification as Table 3.3. The outcome variable is log (income) and the pooled regression is 
described in Equation 1.14   

 
12 That results are conditional on staying in Australia is also of potential concern when interpreting the 
results from Varela and Breunig (2024), who use similar techniques to look at outcomes of permanent 
Australian Migrants. However, the rate of outmigration is much smaller in the permanent migration 
program and does not vary significantly between high earning and low earning visa streams (see Table A.2 
of Varela et al. 2021). 
13 This structural estimation technique is implemented in Adda, Dustmann and Görlach (2022). 
14 The pooled regression used to construct Table 4.3 is the same as used to examine temporary migrant 
outcomes in Table 3.3. This means the level of selection on observable characteristics in the temporary 
program can be compared to that in the permanent program. However, this comparison will include both 
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Table 4.3 Oaxaca-Blinder Decomposition by temporary visa pathway 

  
Temp 
Skill  Student WHM 

Other 
temp 

Offshore 
skill 

Offshore 
family 

Log income 11.364 10.981 11.144 11.164 11.120 10.843 

Log income (other 
migrants) 11.032 11.044 11.039 11.040 11.035 11.055 

Difference in income 0.332 -0.063 0.104 0.124 0.084 -0.212 

Explained 0.151 -0.018 0.114 0.087 0.108 -0.156 

Unexplained 0.181 -0.046 -0.010 0.037 -0.024 -0.056 

Difference explained by             

Age 0.046 -0.013 0.022 0.045 0.031 -0.005 

Country 0.012 -0.050 0.071 0.013 -0.009 -0.014 

Education 0.021 0.039 -0.011 0.018 0.028 -0.018 

English -0.002 -0.018 0.028 0.004 -0.004 -0.022 

Gender 0.008 -0.002 -0.003 -0.003 0.009 -0.031 

Occupation 0.072 0.014 0.000 0.008 0.064 -0.059 

Remoteness 0.000 0.000 0.000 0.000 0.000 -0.001 

Years since migration -0.001 0.007 0.006 0.002 -0.012 -0.009 

 

Table 4.3 shows those who pass through the Temporary Skilled pathway as the highest earning 
group, earning 33.2 per cent more than the typical migrant. While a greater proportion of this 
result is explained by observable characteristics than was the case for temporary migrants 
(Table 3.3), a large unexplained earnings premium (18.1 per cent) remains. The unexplained 
component is a residual and captures the net impact of any factors influencing wages not 
included in Equation 1, such as selection on unobservable characteristics, worker preferences, 
skills utilisation, labour market discrimination and employer bargaining.  

Migrants from the Temporary Skilled pathway are relatively balanced in terms of country of 
origin and gender. If this balance reflects a desired policy outcome, then increasing the share of 
migrants from this pathway would not impact these outcomes. That migrants in this group are 
older relative to other migrant groups has a negative impact on long-term economic outcomes, 
all else equal.15 

Permanent migrants who first arrive on a student visa earn less than other migrants. This group 
is positively selected on education but negatively selected on language skills and country of 
origin. A negative 4.6 per cent impact remains unexplained. 

Migrants who first arrive through the Working Holiday Maker program earn 10.4 per cent more 
than other migrants, a larger effect than found in Table 3.3 and mostly explained by selection on 
country of origin.  

 
the transition rate into the permanent program of migrants with different characteristics and the change 
in the characteristics of the program over time (permanent migrants in 2016 received their first visa in 
earlier years). Transition rates to permanent visa status of migrants with different observable 
characteristics is examined further in Section 8. 
15 All else equal, Australia targets migrants early in their working life as it results in a longer period before 
retirement and thus greater fiscal benefits (Varela et al. 2021). 
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5. Occupational matching and skills downgrading 
varies across temporary visa pathway 

In this section, we use administrative tax and visa data to compare the occupation that 
permanent migrants nominate on their visa applications with the observed occupation of 
migrants reported on tax returns. This allows us to compare the ‘matching’ and ‘downskilling’ 
rates of migrants who follow different temporary migration pathways. 

We find that permanent migrants who followed a Temporary Skilled pathway have the highest 
matching rates and lowest downskilling rates, while permanent migrants who followed the 
student pathway have the lowest matching rates and highest downskilling rates. Working 
Holiday Maker and offshore migrants fall between these extremes. These differences are 
persistent in the sense that they don’t dissipate in the years following permanent migration. 
They are also not determined by differences in occupational choices or by differing economic 
conditions in the year of arrival. 

Matching and downskilling analysis complements in three ways the analysis in the previous 
section: 

- It allows us to disentangle the relationship between occupational choice, downskilling 
and migrant earnings. We show that lower earnings from student migrants occurs both 
because this group nominate lower paid occupations and because they are less likely to 
find work in these occupations. 

o As in Varela and Breunig (2026), we find a positive relationship between the 
average earnings in occupations and matching rates for all migrant pathways. 
However, this does not explain the relatively poor matching rates of student 
migrants.  

- Where migration policy is trying to address labour market shortages, occupational 
matching is an important program outcome. 

- The income of migrants at young ages may not be a good indicator of long-term 
economic integration in situations in which early career professional wages resemble 
lower-skilled wages. Here, occupational matching rates provide useful complementary 
evidence for interpreting economic outcomes such as those shown in Figure 4.1. 

Measuring occupational matching and downskilling 
We measure occupational matching and downskilling by comparing the nominated occupation 
(from a migrants’ permanent visa application) and actual occupation as observed in the tax data 
once individuals are earning income in Australia. Following the approach of Varela and Breunig 
(2026), we define: 

- Four-digit matching to occur where the nominated occupation (from a visa application) 
aligns with the observed occupation (from tax data) at the Australian and New Zealand 
Standard Classification of Occupations (ANZSCO) four-digit level.16  

 
16 Following Varela and Breunig (2026), we do not count individuals who don’t report an occupation on 
their tax return as either matching or downskilling. Because this group are not missing at random and 
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- Downskilling to occur where the nominated occupation is at a higher skill level than the 
observed occupation in the ANZSCO framework.17  

This analysis includes primary applicants in the Employer Sponsored and Skilled Independent 
streams as other visa programs do not require a nominated occupation. 

Aggregate levels of matching by visa pathway are shown in Figure 5.1. The Temporary Skilled 
visa has the highest matching rate of the four groups while the student visa pathway has the 
lowest. Figure 5.1 shows some decrease in match rates over time in the years following 
migration, unsurprising given occupational mobility.   

Figure 5.1: Four-digit ANZSCO matching rates by visa pathway 

 

A similar pattern is observed in Figure 5.2, which presents the level of downskilling by temporary 
visa pathway. Migrants following a student pathway have the highest downskilling rates while 
those following a Temporary Skilled pathway have the lowest downskilling rates.  

 
can’t be dropped from the analysis, the figures in this section are underestimates of the true matching 
and downskilling rates. This impacts the absolute figures presented in this section but not the 
comparisons of migrants from different pathways, which remains the main focus of our analysis.   
17 The ANZSCO framework classifies all occupations into five skill levels based on the level or amount of 
formal education and training required, the amount of previous experience in a related occupation, and 
the amount of on-the-job training. Further details of this classification can be found in ABS (2022). 
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Figure 5.2: Downskilling rates in the years following permanent migration, by visa pathway 

 

Figures 5.1 and 5.2 both show the same ‘Simpson’s Paradox’ observed in Table 4.1. When 
comparing any visa pathway, the individual outcomes are better in the Skilled Independent 
program than the Employer Sponsored program, but due to the large flow of migrants from 
Temporary Skilled visa to the Employer Sponsored program, overall outcomes for the Employer 
Sponsored program are better than the Skilled Independent program.  

Lower matching rates do not reflect differences in nominated occupations 
One possible explanation for differences observed in Figures 5.1 and 5.2 is that migrants from 
different pathways apply for visas nominating different occupations with different matching 
rates.18 Students being more likely to nominate occupations with low matching rates would help 
explain the large differences we observe in matching rates (and provide a simple policy 
recommendation to improve outcomes). 

To test this idea, we calculate a counterfactual matching rate for each visa pathway by applying 
the average occupation profile (calculated using all migrants) with the observed occupational 
matching rate for each visa pathway. The results of this calculation (Table 5.1) show that 

 
18 Matching rates also have measurement error that differs by occupation that stems from the fact that 
some occupations are more clearly defined than others. Therefore, comparisons of matching rates within 
occupations are more easily interpreted than aggregate matching rates.  
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students are not choosing occupations with lower match rates; they simply have worse 
matches for all occupations.   

Table 5.1: Matching rates if pathways had the same profile of nominated occupation 

Temporary visa pathway Actual matching rate 
Counterfactual 
matching rate 

Skill Offshore 0.35 0.36 
Temp Skill 0.47 0.43 
WHM 0.45 0.37 
Student 0.31 0.27 

 

Differences in matching rates occur for migrants arriving in different years 
The results in Figures 5.1 and 5.2 pool the outcomes of migrants across different years. Thus 
results are potentially conflated by labour market demand (i.e. some visa pathways may be 
more common in strong labour market conditions when it is easier to find employment). 
Further, average results are potentially irrelevant to policy in the period following a large policy 
reform.19 We test both these considerations by plotting the downskilling rates of different 
cohorts as separate lines in Figure 5.3. 20 This shows the patterns as quite stable across entry 
cohorts (lines of the same colour are clustered together and rarely cross lines of other colours). 

 
19 Such as the 2012 reforms that reduced the number of cooks and hairdressers granted permanent 
visas. (Birrell, Healy, and Kinnaird (2007). 
20 We present downskilling rates rather than matching rates. A similar pattern occurs for four-digit 
matching rates. However, as matching rates drop in the years after migration due to occupational 
mobility, the pattern is harder to observe in a data visualisation.  
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Figure 5.3: Downskilling rates by visa pathway and entry cohort 

 

Figure 5.3 also provides an important insight into a long-running debate about whether the 
migration program should focus on demand (labour market shortages) or supply side 
considerations (migrant characteristics). The stability shown in Figure 5.3 lends support to the 
supply side view: migrant characteristics, rather than economic conditions, are the most 
important determinant of migrant integration. This is discussed further in Section 9.   

Occupation level results 
Another approach to understanding the poor matching outcomes of migrants from the student 
pathway is to look at specific occupations. First, we compare the matching rates of migrants 
from different pathways in the 20 occupations with the most students (Table 5.2). Together, 
these 20 occupations contain 67 per cent of student pathway migrants. 

Table 5.2: 4-digit matching rates by visa pathway for the most common occupations from 
the student pathway 

Occupation 

Share of 
migrants from 
student pathway 

Matchrate 
student 

Matchrate 
Temp 
Skill 

Matchrate 
WHM 

Matchrate 
offshore 

Accountant (General) 17.2% 25% 45% 53% 34% 

Cook 9.6% 8% 10% 7% 5% 

Registered Nurses nec. 8.0% 83% 89% 79% 85% 

Cafe or Restaurant Manager 3.0% 21% 22% 35% 21% 
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Civil Engineer 3.0% 39% 65% 65% 45% 

External Auditor 2.5% 3% 29% 27% 24% 

Developer Programmer 2.4% 42% 62% 64% 55% 

Mechanical Engineer 2.4% 30% 52% 59% 39% 

Software Engineer 2.3% 39% 60% 73% 59% 

Electronics Engineer 2.1% 8% 15%   13% 

Computer Network & System 
Engineer 1.9% 18% 32% 28% 31% 

Chef 1.8% 51% 66% 66% 64% 

Motor Mechanic (General) 1.8% 30% 68% 58% 52% 

ICT Business Analyst 1.7% 10% 17% 14% 14% 

Electrical Engineer 1.7% 32% 51% 56% 39% 

Retail Manager (General) 1.3% 18% 31% 27% 20% 

Engineering Technologist 1.3% 4% 12% 9% 7% 

Hairdresser 1.1% 16% 34% 47% 18% 

Marketing Specialist 1.1% 21% 17% 26% 13% 

Analyst Programmer 1.1% 26% 54% 57% 44% 

Cells for which there are less than 10 observations are left blank. 

Table 5.2 shows that migrants from the student pathway have lower match rates in most 
occupations, with the largest differences appearing in white collar (non-medical) professions 
such as engineering and accounting.21  

Next, we compare the matching rates of migrants from different pathways in the 20 occupations 
with the best student matching rates (Table 5.3).  

Table 5.3: Matching rates by visa pathway for the occupations with the highest student 
matching rates 

Occupation 
Share of 
migrants 

Matchrate 
Student 

Matchrate 
Temp Skill 

Matchrate 
WHM 

Matchrate 
Offshore 

Registered Nurse (Perioperative) 0.3% 93% 90% 68% 91% 

Registered Nurse (Surgical) 0.2% 91% 88% 77% 88% 

Veterinarian 0.1% 89% 76%  83% 

Registered Nurse (Critical Care and 
Emergency) 0.6% 88% 91% 82% 89% 

Registered Nurse (Medical) 0.6% 88% 91% 77% 87% 

Retail Pharmacist 0.4% 87%   82% 

Registered Nurse (Aged Care) 0.8% 86% 86%  90% 

Registered Nurses nec 8.0% 83% 89% 79% 85% 

Registered Nurse (Medical Practice) 0.1% 82% 90%  77% 

Physiotherapist 0.3% 82% 80% 83% 77% 

Medical Diagnostic Radiographer 0.1% 82% 82% 79% 88% 

Occupational Therapist 0.2% 77% 81% 77% 79% 

Child Care Worker 0.9% 69% 69% 57% 62% 

Food Technologist 0.1% 65% 46%  54% 

Optometrist 0.0% 62% 68%  82% 

 
21 ‘External auditor’ has strangely low match rates. Further investigation is recommended to understand this 

phenomena. 
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Valuer 0.0% 61%  42% 18% 

Multimedia Designer 0.0% 61% 43%  29% 

Solicitor 0.6% 59% 66% 76% 61% 

Resident Medical Officer 0.0% 59% 51%  63% 

University Lecturer 0.6% 58% 77% 63% 59% 

Cells for which there are less than 10 observations are left blank. 

Table 5.3 shows a clear success story among medical professionals (in particular registered 
nurses) where match rates are very high. Given the small population sizes for some groups, care 
should be exercised when interpreting these results. 

Table 5.2 and 5.3 show significant variation in matching rates across occupations. We interpret 
this difference as an outcome of the relative importance in observable and unobservable 
characteristics in different occupations. For instance, in occupations like nursing, observable 
credentials are highly predictive of migrant employment. On the other hand, for occupations 
such as engineering and accounting, employment depends both on credentials and on 
unobservable skills.   

This variation has important policy implications as it suggests that certain occupations (such as 
nursing) can be safely selected through a points test based on observable characteristics, while 
other occupations, such as engineering and accounting, should require observed occupational 
experience in Australia (either through an employer sponsorship or a high points weighting for 
Australian experience). This is discussed further in Section 9. 

Future research could use the regression framework from Section 3 to draw out the relative 
roles of migrant characteristics such as language, education and country of origin on 
occupation matching. It could also compare outcomes between permanent migration 
programs.  

Matching rates and downskilling are correlated with Jobs and Skills 
Australia shortage drivers 
Jobs and Skills Australia is the Australian Government agency responsible for estimating skills 
shortages in Australia. As part of their reporting (Jobs and Skills Australia 2025), they apply the 
conceptual framework in Richardson (2007) to classify occupational shortages according to 4 
primary shortage drivers: 

- Long training gap: when an occupation has few qualified applicants per vacancy and a 
long training pathway. 

- Short training gap: when an occupation has few qualified applicants per vacancy and a 
short training pathway. 

- Suitability gap: when an occupation has enough qualified applicants, but many are not 
regarded as suitable. 

- Retention gap: when an occupation has below average rates of retention. 

These classifications are strongly predictive of matching and downskilling rates. Figures 5.4 and 
5.5 are kernel density estimates of the distribution of matching and downskilling rates by these 
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four primary shortage drivers.22 These charts are created using downskilling and matching rates 
for all migrants (including independent and employer sponsored) who nominate occupations. 
Shortage drivers are calculated at the 4-digit level, which we map to all six-digit occupations 
contained within the group).  

Figure 5.4: Distribution of downskilling rates, by shortage driver 

 

Figure 5.5 Distribution of matching rates, by shortage driver 

 

These figures show that occupations with a long training gap have the highest match rates and 
lowest downskilling rates. We also see that occupations with a suitability gap perform second 

 
22 Kernal density estimates can be interpreted as smoothed histograms. We estimate these using the 
geom_density option in ggplot commands in R and use the number of observations as weights. 



 30 

best on both measures, while occupations classified as “Short training gap” and “Retention 
gap” have the worst outcomes.  

The Figures above are descriptive and, while highly suggestive, do not constitute causal 
analysis. Future analysis could: 

- Compare migrant outcomes with the shortage type in the year they arrive (the Figures 
above compare outcomes from all migrant years with the shortage driver as measured in 
2025). 

- Use the underlying data in Jobs and Skills Australia (2025) to further understand which 
factors predict migrant outcomes.  

- Control for the role of common underlying factors (like income and education) in 
explaining the outcomes in Figures 5.4 and 5.5.  

The relationship between average earnings and matching rates across 
different visa pathways 
As a final exercise, we compare the matching rates of high and low paid occupations following 
different visa pathways. This analysis follows the approach in Varela and Breunig (2026), where 
we show that higher paid occupations typically have higher matching rates and lower 
downskilling rates. A strong policy recommendation emerges: using migrants to target labour 
shortages in low paid occupations is ineffective and should be abandoned. Migrants who come 
to Australia ostensibly to fill these labour shortages will typically not work in these occupations 
following migration. 

Figure 5.6 presents this calculation split by visa pathway. In each plot, every black dot 
represents an occupation with more than 10 observations, while the red dots represent the 
conditional means based on binned ranges of standardised income (weighted to the number of 
migrants in each occupation).  

As in Varela and Breunig (2026), we observe a positive correlation between relative income of an 
occupation and the share of migrants working in their nominated occupation. This relationship 
is apparent in all pathways, suggesting it is a general feature of the Australian migration 
program. However, the relationship is weakest for the employer sponsored pathway, suggesting 
that low-earning occupations included in the migration program are best managed through an 
employer sponsorship pathway.  
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Figure 5.6:  Share of migrants working in their nominated occupation as a function of 
relative income split by pathway to a permanent visa  

  

  

Each red dot contains a roughly equal number of occupations. This ‘binscatter’ plot fits a trend through 
the data (incorporating weights based on the size of each occupation).  

Figure 5.6 also shows the relationship between low paid occupations and low labour market 
matching is not the cause of poor outcomes for the student migrant pathway. Instead, the 
matching rates for this group are poor at all income levels. 
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6. Measuring the selection of temporary migrants into 
the permanent program 

In this section, we directly calculate migrant selection from the temporary to the permanent 
migration program. We ask whether temporary migrants with higher earnings are more likely to 
become permanent migrants. We focus on Temporary Skilled migrants and Graduate visas as 
these visas are primarily employment based. We find negative selection in the Temporary 
Skilled program and positive selection in the Graduate program. That is, departure from 
Australia is positively correlated with incomes for the Temporary Skilled migrant program. For 
the Graduate program, we find the converse; those with higher incomes are more likely to stay in 
Australia. 

The level of selection from the temporary program to the permanent program is crucial to 
understanding the economic impact of temporary migration. If there is no selection, then 
outcomes in the temporary program will persist into the permanent program, while if there is 
strong selection, then application for permanent migration can be assessed based on short-
term outcomes in the temporary program.  

Our overall finding of minimal selection suggests that decisions taken in temporary migration 
policy have long-term implications. Temporary visa programs that select high-earning 
temporary migrants will improve the long-term outcomes of the permanent program, while 
temporary programs that select low-earning temporary migrants will worsen the long-term 
outcomes of the permanent program. While this finding is descriptive, it is consistent with the 
results in Section 7 and best interpreted alongside those results. 

Are high earning temporary migrants more likely to transition to a 
permanent visa? 
To test for migrant selection, we take the universe of tax records for migrants in the Temporary 
Skilled and Graduate program in the years 2010-11 to 2021-22. For each migrant tax record, we 
look four years ahead in the data and observe whether they are on a temporary visa, on a 
permanent visa, on a bridging visa or offshore. We then calculate the average income amongst 
those that have different future states. As we are looking 4 years into the future, the last group of 
temporary migrants in our data are temporary migrants in 2016-17.  

The results (Figure 6.1) show a positive selection in the Graduate program: those earning more 
money are more likely to get a permanent visa. In contrast, the Temporary Skilled program 
shows negative selection (the highest earning migrants are more likely to either stay in the 
temporary program or leave the country). Selection patterns are relatively stable over time (the 
differences between the lines in Figure 6.1 are relatively stable).   
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Figure 6.1: Selection of migrants on temporary earnings 

 

The general reduction in Temporary Skilled migrant earnings is largely explained by the TSMIT 
freeze (see section 7). Figure 6.1 is consistent with Section 7, showing that as the TSMIT freeze 
occurs, the lower earnings among Temporary Skilled visa holders translates into lower wages in 
the permanent migration program (although, as noted in Section 7, these earnings are relatively 
high compared to other migrant groups).  

The selection patterns in Figure 6.1 may occur due to visa eligibility or migrant intentions. One 
possible explanation of the negative selection among Temporary Skilled migrants is that the 
highest earning migrants are more globally mobile and less likely to move permanently to 
Australia. 

Selection on observable and unobservable characteristics 
We can extend the analysis above by decomposing the selection process into returns to 
observable and unobservable characteristics. This decomposition is of interest because two-
stage migration could allow for stronger selection on unobservable characteristics compared to 
a one-stage migration system.  

We use the outcomes of the Mincer regression specified in Equation 1 and decompose the 
income of migrants into predicted and unexplained factors determining outcomes. Results are 
presented in Table 6.1. These show the Temporary Skilled migration program is negatively 
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selecting on both observable and unobservable characteristics, while the Graduate pathway 
has positive selection on both observable and unobservable characteristics.  

Table 6.1 Selection on observable and unobservable characteristics 

 

Return to 
observable 
characteristics  

Return to unobservable 
characteristics  

Temporary Skill   

Bridging visa 71533 -1014 

Offshore 81366 1537 

Permanent visa 70886 37 

Temporary visa 73315 -101 

Graduate visa   

Bridging visa 42960 225 

Offshore 41568 -2642 

Permanent visa 43263 738 

Temporary visa 42734 214 
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7. The consequences of freezing the TSMIT on the 
permanent migration program 

In this section of the paper, we examine the impact of the Temporary Skilled Migration Income 
Threshold (TSMIT) freeze on the outcomes of Temporary Skilled migrants and show that its 
impact flows through into the permanent migration program.  

We undertake this case-study as a quasi-experimental example of how a change in temporary 
migration policy impacts economic outcomes in the permanent migration program. Our 
analysis draws similar conclusions to those in Section 6. These two pieces of analysis are 
complementary in the sense that Section 6 applied to a large share of temporary migrants but 
was correlative, while analysis here is causal, but applies only to a small change to the 
temporary migration program.  

The analysis in this section is also of broader policy interest as it shows that a price floor in a 
migration program acts as a direct mechanism to target higher-earning migrants. While we find 
evidence of moderate bunching around the TSMIT, we also find that the predicted earning of 
bunchers (as predicted by a Mincer regression) are close to the TSMIT, suggesting that the TSMIT 
is acting as an anchor or focal point for wage setting rather than fundamentally changing the 
wage setting dynamics of migrants.  

The TSMIT freeze 
When applying for a Temporary Skilled visa, migrants must nominate the wage they will be paid 
in Australia. This wage must be above the Temporary Skilled Migration Income Threshold 
(TSMIT). In other words, the TSMIT is a minimum wage that applies only to Temporary Skilled 
migrants. The TSMIT operates in conjunction with the Market Salary Rate Framework, which 
requires that migrants are paid a rate equivalent to non-migrants in an equivalent position. 

In 2013, the TSMIT was frozen at $53,900 in nominal terms and stayed at that level until 2023 
when it was raised to $70,000. Over this period, the TSMIT fell from around 70% of average full 
time weekly earnings to 54% of average weekly earnings. The analysis in this Section examines 
the impact of the TSMIT falling in real terms. The consequences of the rise in 2023 is also of 
interest but falls outside the range of administrative data used for this study. 

Mechanical impact of the fall in the TSMIT 
To understand the impact of the TSMIT freeze, we create a simple counterfactual in which the 
TSMIT is indexed over this period in line with Average Weekly Earnings. We then compare the 
outcomes of the Temporary Skilled migrants who would have been excluded under this 
counterfactual with the Temporary Skilled migrants who would have been accepted. We discuss 
caveats to this approach below. 

As expected, those that fall under the counterfactual TSMIT have a lower average income than 
those above the TSMIT (Figure 7.1).  
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Figure 7.1 Realised earnings of those above and below an indexed TSMIT  

This counterfactual can also compare the outcomes of the Temporary Skilled program with and 
without the TSMIT freeze. This suggests that the declining outcomes of this program can be 
explained by the TSMIT freeze (comparing the red with the blue line).  

We can also use this grouping to understand the impact of the TSMIT freeze on the permanent 
migration program. Table 7.2 shows that the likelihood of transitioning to a permanent visa was 
higher for those below the Indexed TSMIT in the years 2014/15 to 2017/18, which means the 
freeze had more impact on average earnings in the permanent program than the temporary 
program. This trend reverses from 2019/20 onwards, noting that we have only a small number of 
years of data to observe permanent migrant transitions for this group.23 

Table 7.1: Migrant characteristics above and below the indexed TSMIT 

  Above Indexed TSMIT Below Indexed TSMIT 

Financial 
Year Income 

Ever 
permanent Age 

Share 
men Income 

Ever 
permanent Age 

Share 
men 

2010/11 103004 80% 36.2 77%         

2011/12 105857 74% 36.2 77%         

2012/13 116129 71% 36.0 78%         

2013/14 121279 71% 35.9 77%         

2014/15 123690 71% 36.0 77% 55742 81% 32.9 74% 

2015/16 124488 72% 35.9 76% 60259 82% 33.4 72% 

2016/17 123561 69% 35.7 75% 60037 76% 33.9 73% 

2017/18 126962 65% 35.4 74% 62772 70% 34.1 76% 

2018/19 129577 57% 35.4 73% 65401 57% 34.2 78% 

2019/20 134200 44% 35.7 73% 66754 41% 34.5 80% 

2020/21 145460 33% 36.4 72% 74299 25% 34.9 80% 

 
23 This calculation is performed by looking in any year of the data to see if a migrant ever gets a visa. As 
the later years of data have fewer ‘future years’ in the dataset, they will include migrants who will 
eventually become permanent residents but have not yet done so. The higher observed transition rates 
for migrants above the indexed TSMIT in recent years could be a trend or due to these higher earning 
migrants transitioning to permanent visas more quickly.  



 37 

2021/22 162535 27% 37.4 72% 82909 18% 36.1 82% 

 

Table 7.1 also allows us to test whether the TSMIT freeze changed the age and gender 
composition of the Temporary Skilled migration program. We see a higher share of men after the 
TSMIT freeze (a large effect in later years that is partially offset by a smaller share in earlier 
years). The TSMIT freeze also reduced the average age of the Temporary Skilled migration 
program.  

Bunching at the TSMIT 
A potential complication in understanding the implications of the TSMIT is that a larger number 
of migrants nominate an income exactly equal to the TSMIT than we would expect from a 
smooth income distribution. Figure 7.2 shows around 85000 observations (around 17 per cent 
of all migrants) with a nominated income between 95% and 105% of the TSMIT. This is around 11 
percentage points more observations than we would expect from a smooth earnings 
distribution.24  

 
24 The counterfactual earnings distribution is calculated by taking a straight line between points above 
and below the bunching in Figure 7.2. Around half of all observations are over 150% of TSMIT. These are 
included in this calculation but excluded from Figure 7.2. 
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Figure 7.2: TSMIT bunching25 

 

This bunching impacts how we interpret our TSMIT counterfactual calculation above. If this 
bunching is driven by a process that has a large impact on wages, then a simple static 
calculation might be misleading. In other words, if the TSMIT had been raised, then those 
bunching at the TSMIT may have been offered a higher wage to match the TSMIT (rather than 
been excluded from the program).  

Understanding TSMIT bunching 
There are various reasons why we might observe TSMIT bunching. For instance, nominating an 
income equal to the TSMIT might be caused by: 

- Employers using the implicit value of a visa to negotiate a lower wage. 
- Migrants shifting up in the wage distribution if the market wage were slightly below the 

TSMIT (potentially offset by worsening of other work conditions). 
- Migrants being attracted to the TSMIT if it acts as a salient focal point for employment 

conditions of migrants. 

 
25 We calculate bunching on the nominated income rather than the observed income. This calculation is 
further complicated by TSMIT timing rules. A migrant must comply with the TSMIT in the year they apply, 
rather than the year they work in Australia. Our calculation compares nominated income with the TSMIT 
in the year they are in Australia. This timing effect, along with exception to the TSMIT through labour 
market agreements, explain why some migrants appear to nominate an income below the TSMIT.   
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We test these opposing hypotheses by comparing the predicted incomes from a Mincer 
regression of the form: 

𝑙𝑜𝑔(𝑦)𝑖𝑡 =  𝛽0 + 𝜷1𝑿𝑖𝑡
𝑎𝑔𝑒

+   𝜷2𝑿𝑖𝑡
𝑜𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛

+  𝜷3𝑿𝑖
𝑔𝑒𝑛𝑑𝑒𝑟

+   𝜷4𝑿𝑖𝑡
𝑦𝑠𝑎

+ 𝜷5𝑿𝑖𝑡
𝑦𝑠𝑎2

 +  𝜷6𝑿𝑡
𝑦𝑒𝑎𝑟

+ 𝜀𝑖𝑡                  ( 5) 

Where: 

- 𝑙𝑜𝑔(𝑦)𝑖𝑡  is the log of taxable income adjusted for the number of days an individual 
spends onshore. 

- 𝑋𝑖𝑡
𝑜𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛

 is a set of 357 dummy variables for 4-digit ANZSCO occupations.  

- 𝑋𝑖
𝑔𝑒𝑛𝑑𝑒𝑟  is a variable equal to one if an individual is female. 

- 𝑋𝑖𝑡
𝑦𝑠𝑎  is the number of years since an individual’s first observed visa. This is included as a 

quadratic term. 
- 𝑋𝑖𝑡

𝑎𝑔𝑒  is a set of 7 dummy variables reflecting 5-year age bins with 21-25 as the reference 
category. 

- 𝑋𝑡
𝑦𝑒𝑎𝑟  is a set of 11 dummy variables for financial year. 2010-11 is the reference 

category. 

This regression is estimated using all Temporary Skilled migrants and all years of data. We 
exclude the variables drawn from the census (education, English language skills and country of 
birth) as this analysis draws on several years of data. Results from this analysis are shown in 
Table 7.2.  

Table 7.2 TSMIT bunching analysis (bunching is reflected in the shaded rows) 

Nominated income 

Income/ 
nominated 
income 

Income/ 
E(𝑦̂) sd(𝑦̂) Age 

Share 
men 

Observed 
permanent 

Standardised 
income 

90% to 95% of 
TSMIT 143% 92% 20644 37.2 85% 81% 1.09 

95% to 100% of 
TSMIT 125% 92% 18377 35.1 83% 70% 1.03 

100% to 105% of 
TSMIT 118% 90% 20072 34.4 77% 62% 1.00 

105% to 110% of 
TSMIT 129% 94% 22183 34.4 74% 68% 1.17 

110% to 115% of 
TSMIT 126% 88% 22541 32.8 69% 63% 1.23 

115% to 120% of 
TSMIT 131% 92% 22960 33.3 71% 70% 1.33 

120% to 125% of 
TSMIT 129% 92% 22995 33.5 71% 67% 1.35 

125% to 130% of 
TSMIT 127% 92% 22113 33.0 70% 67% 1.40 

130% to 135% of 
TSMIT 121% 89% 22019 32.5 72% 63% 1.40 

135% to 140% of 
TSMIT 126% 94% 25004 33.5 69% 67% 1.47 

140% to 145% of 
TSMIT 122% 92% 25095 33.2 69% 65% 1.49 

>150% of TSMIT 124% 145% 35404 37.8 79% 59% 2.49 
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Table 7.2 provides several key insights into the operation of the TSMIT. First, the first column 
compares the actual incomes of migrants (from tax returns) with their nominated income. It 
shows that all groups of migrants, including bunchers, are paid considerably more, on average, 
than their nominated income levels. While this includes wage growth over time, it rules out 
systemic underpayment of migrants compared to their nominated income. 

Second, the ratio of actual income to the predicted incomes of migrants is a measure of 
whether migrants are underpaid compared to similar workers. This ratio is similar for bunchers 
and non-bunchers, suggesting that bunchers have a similar wage setting process to non-
bunchers. (Very high earners in this program are strongly selected on non-observable 
characteristics. By construction, this forces all other groups to be negatively selected on 
unobservable characteristics and have a ratio below 100%). 

Third, the standard deviation of the predicted earnings is a test of whether bunchers are being 
drawn from across the income distribution. Bunchers have a lower standard deviation of 
expected earnings, which suggests that bunchers are not being drawn from far away in the 
income distribution.  

Fourth, bunchers are older and more likely to be men. 

Fifth, the standardised income of bunchers is lower than other groups. This is related more to 
the older age profile of this group than to the wage rate.  

Our interpretation of Table 7.2 is that the TSMIT does not appear to fundamentally change the 
wage setting process of Temporary Skilled migrants. Migrants paid a wage near the TSMIT have 
similar wage setting dynamics to those elsewhere in the income distribution, suggesting that 
bunching observed in Figure 7.2 is due to the TSMIT acting as an anchor or focal point for wage 
setting rather than fundamentally changing the wage setting dynamics of migrants. An 
important caveat to this finding is that wage dynamics near the TSMIT may also adjust in other 
ways that aren’t captured in administrative data (such as migrants working extra hours or firms 
requiring migrants to pay recruitment fees). 

Policy implications 
The analysis in this section provides quasi-experimental evidence that the TSMIT freeze lowered 
the economic outcomes of Temporary Skilled migrants. Because those below a counterfactual 
TSMIT were more likely to transition to the permanent program, this also reduces the average 
earnings of the permanent migration program. The TSMIT freeze also resulted in a larger share of 
men and a younger Temporary Skilled migration program.  

This suggests that the 2021 reversal of the TSMIT is likely to reverse earlier outcomes and 
increase economic outcomes in both the temporary and permanent employer sponsored 
programs.  

More broadly, we show that the TSMIT does not appear to fundamentally change the wage 
setting process of Temporary Skilled migrants. This suggests that carefully designed wage floors 
could be an effective mechanism for targeting economic outcomes in the migration program.  
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8. The impact of firm-level migrant concentration on 
migrant earnings 

In this section, we consider the relationship between firm reliance on migrants and migrant 
income. We show that temporary migrants are clustered within firms, that this clustering varies 
between temporary visa types, and that this clustering has increased over time. We then extend 
the Mincer regression framework in Section 3 of this paper and find that, all else equal, firms 
which employ a large share of temporary migrants pay migrants less than firms employing a 
smaller share of temporary migrants.  

Context: why does migrant clustering occur? 
Migrants are not distributed equally across Australian labour markets. Instead, we see 
clustering of migrants in different firms, occupations, industries and geographic locations. As 
discussed in Kerr (2015), such clustering could be occurring for various reasons: 

- because the profile of migrant skills may be different to that of the non-migrant 
population. 

- due to recruitment networks within the migrant community. 
- due to preferences of migrants to work with other migrants. 
- because some firms communicate in multiple or particular languages. 
- because of occupational barriers keeping migrants out of some occupations. 
- because the visa system gives incentives to sponsor multiple migrants. 
- because firm wages are set at a level that is too low to attract non-migrant workers. 
- because preferences for non-wage job characteristics such as total hours and 

seasonality may vary between migrants and non-migrants.  

Our analysis below asks a simple question “All else equal, does firm level clustering predict 
higher or lower wages?” We find that migrant clustering predicts lower earnings and that this 
effect is particularly strong for firms with a large concentration of migrants. However, we do not 
attempt to disentangle the complex system that causes clustering and caution that further 
research is needed before drawing policy conclusions around migrant clustering and the 
relationship with migrant and non-migrant wages. 

Descriptive results 
The main variable of interest in this analysis is the share of income paid by a firm to temporary 
migrants.26 We calculate this value by linking payment summary data with visa records, and 
then calculating the share of wages paid to migrants at firms that employ different types of 
temporary migrants. 

- This calculation is performed at the ABN level (not at the enterprise group level) 

 
26 We use the share of wages paid to migrants as a measure of firm reliance on migrants instead of the 
number of migrants employed in the firm to avoid issues related to headcounts when migrants are not in 
the country for the full financial year. Descriptive analysis suggests that using headcounts would provide 
qualitatively similar results to those found in this section of the paper.  
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- The share of income is based on payment summary income (rather than total income 
from all sources on a tax return). 

Figure 8.1 shows the average share of firms’ total income paid to migrants, across different visa 
groups. This calculation is performed at the migrant (rather than firm) level. In other words, for a 
typical international student employed in Australia, 40 per cent of the wages paid by their 
employer go to temporary migrants.  

Figure 8.1: Firm reliance on temporary migrants, by employers of different visa types 

 

Note: Seasonal work outcomes prior to 2016 are not available due to small sample sizes.  

Figure 8.1 shows significant variation by visa type. Seasonal workers, Working Holiday Makers 
and Students have the highest share of migrant co-workers. New Zealand migrants have the 
lowest share. The outcomes of permanent migrants are also included in the chart for 
comparison purposes. 

All groups show an increasing trend. This could be because of polarisation or just an increasing 
share of the income in Australia being earned by temporary migrants—see Figure 3.3.  
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Regression analysis 
To test the potential impact of migrant concentration on economic outcomes, we modify 
Equation (1) to include a variable with the share of migrant wages paid to temporary migrants 
(Model 1).27  

𝑙𝑜𝑔(𝑦)𝑗𝑖𝑡 =  𝛽0 + 𝜷1𝑿𝑖
𝑣𝑐𝑙𝑎𝑠𝑠  +  𝜷2𝑿𝑖𝑡

𝑎𝑔𝑒
+  𝜷3𝑿𝑖𝑡

𝑙𝑜𝑐𝑎𝑡𝑖𝑜𝑛 +  𝜷4𝑿𝑖𝑡
𝑜𝑐𝑐𝑢𝑝𝑎𝑡𝑖𝑜𝑛

+  𝜷5𝑿𝑖
𝐸𝑛𝑔𝑙𝑖𝑠ℎ

+  𝜷6𝑿𝑖
𝑔𝑒𝑛𝑑𝑒𝑟

+   𝜷7𝑿𝑖
𝑐𝑜𝑢𝑛𝑡𝑟𝑦

+

𝜷8𝑿𝑖𝑡
𝑦𝑠𝑎

+ 𝜷9𝑿𝑖𝑡
𝑦𝑠𝑎2

 + 𝜷10𝑿𝑖
𝑒𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 + 𝜷11𝑿𝑡

𝑦𝑒𝑎𝑟 
+ 𝜷12𝑿𝑗𝑖𝑡

𝑚𝑖𝑔𝑤𝑎𝑔𝑒𝑠ℎ𝑎𝑟𝑒 
+  𝜀𝑖𝑡                                                                           ( 6 ) 

The j subscript refers to firms. All other variables are as defined in Equation 1.  

We also estimate an alternate specification that includes total migrant wages to test the 
potential concern that the share of wages paid to migrants is potentially correlated with firm 
size (model 2). We estimate this regression using only the 2016-17 financial year to maximise 
the number of migrants with coefficients available from the census. 

The estimated impact of firm size on migrant wages is reported in Table 8.1. In each model, the 
coefficients are interpreted as a percentage wage premium relative to a firm with less than 10 
per cent of wages paid to migrants. These show a wage penalty associated with larger migrant 
wage shares.  

Table 8.1: Estimated impact of heavy reliance on migrant earning on wages 

  Model 1 Model 2 

10-20% migrant wages 0.005 0.014 

20-40% migrant wages -0.040*** -0.030** 

40-60% migrant wages -0.097*** -0.087*** 

60-80% migrant wages -0.105*** -0.096*** 

80-100% migrant wages -0.159*** -0.150*** 

Total wages x ✓ 

Visa Category ✓ ✓ 

2-digit occupation ✓ ✓ 

Age (binned) ✓ ✓ 

Country of birth ✓ ✓ 

English ✓ ✓ 

Education ✓ ✓ 

Remoteness ✓ ✓ 

Years since first visa ✓ ✓ 

R squared 0.374 0.377 

Observations 1989982 1989982 
Levels of statistical significance are indicated by : * 10%; ** 5%; *** 1% 

We can also use this approach to test the different effects on different temporary visa programs 
by interacting the business reliance dummy variable with visa stream. This shows the effect of 
firm reliance on migrants holds across all visa types, with the largest firm reliance effects for 
Seasonal Workers, New Zealand migrants and Graduate visas. 

 
27 As this is a firm-level variable, we cluster the standard errors at the firm level.  
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Table 8.2: Estimated impact of heavy reliance on migrant earning on wages, by visa 

  Bridging 
Graduate 

New 
Zealand 

Seasonal 
work Student 

Temp 
Skill WHM 

10-20% migrant wages -0.009 -0.024 -0.018 -0.150 0.034* 0.020 -0.003 

20-40% migrant wages -0.055*** -0.052*** -0.074*** -0.125 0.026 0.008 -0.009 

40-60% migrant wages 
-0.112*** -0.093*** -0.154*** -0.228* -0.009 

-
0.079*** -0.020 

60-80% migrant wages 
-0.132*** -0.146*** -0.177*** -0.302 -0.029 

-
0.097*** -0.030 

80-100% migrant wages 
-0.207*** -0.243*** -0.344*** -0.218 

-
0.074*** 

-
0.117*** 

-
0.057*** 

 

Implications for policy 
The results in Table 8.1 and 8.2 show that migrant concentration in firms correlates with lower 
earnings. However, the earlier discussion suggests that concentration of migrants could occur 
for a variety of reasons. Importantly, these underlying dynamics have different implied policy 
responses. For instance, where migrant concentration was occurring because firm wages were 
low, then policies that limit clustering would improve migrant outcomes. On the other hand, if 
migrant clustering is due to migrant preferences for part-time work or location, then the 
correlations apparent in Table 8.1 and 8.2 are not concerning.  

The results in this section provide an interesting perspective on the economic outcomes of 
migrants. However, before drawing policy conclusions, further research is required to better 
understand the causes of clustering.   
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9. Implications for migration policy 
The main innovation of this paper is to show that the design of the temporary migration program 
has a large and long-term economic impact. Our analysis can explain the economic 
implications of a wide range of temporary migration policies. In this section, we consider the 
most important insights from our paper with application to the design of the Australian visa 
system.  

When applying the empirical findings from this paper to visa policy, we stress three key ideas. 
First, the migration program has various economic and non-economic goals. Our policy 
recommendations are built on the premise that the long-term pipeline effects of temporary 
migration have not been well understood before and therefore are under-weighted in existing 
visa policy.28 We therefore provide options on how to better design the migration program to take 
into account these effects. However, these potential benefits must still be weighed against both 
short-term economic and various non-economic outcomes of the visa program. As such, these 
recommendations should be considered as directions for reform rather than an exact 
framework for trading off these economic and non-economic costs and benefits.  

Second, the finding that the temporary migration program has a strong impact on the long-term 
outcomes of the permanent program is not a structural parameter – it is based on the existing 
design of the permanent visa system and could be changed. Further, no evidence or reason 
emerges that provides that this parameter is universal and will hold for every temporary visa 
policy. This also limits the precision with which we can predict how a change in the temporary 
migration program will impact long-term economic outcomes.  

Finally, the design of the visa system has been changing over the period of the study. Our 
outcomes should be interpreted as the average effect of these programs over the period. Care 
must be taken in applying these results where programs have changed. One notable example is 
the shift in focus of the Working Holiday Maker program from an international relations focus 
towards an agricultural work visa.29 The results in our paper relate to the outcomes of migrants 
over the past 30 years (i.e., mostly under the international relations focused design rather than 
the agriculture visa design).  

Policy 1: Increase the share of temporary migrants on the employer 
sponsored pathway 
A key finding in this paper is that being more selective in the design of temporary migration will 
have large long-term economic consequences. In practice, increasing the selectivity of the 
temporary migration program means increasing the relative share of employer sponsored visas 
in the temporary migration program. This cohort significantly out-earns other temporary migrant 
groups both while on a temporary visa (Figure 3.1) and after transitioning to a permanent visa 
(Figure 4.1).  

 
28 To take a specific example, temporary migration policy costings assume no impact on the outcomes of 
the permanent migration program.  
29 https://www.homeaffairs.gov.au/research-and-stats/files/working-holiday-report-dec-23.pdf  

https://www.homeaffairs.gov.au/research-and-stats/files/working-holiday-report-dec-23.pdf
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Policy 2: Improve the pathway for international students transitioning 
to permanent residency 
Another key finding of our paper is that the outcomes of international students transitioning to 
permanent residency are very poor. This cohort earns 6 per cent less than the average 
permanent migrant (including all skilled, family and humanitarian migrants) and around 40 per 
cent less than permanent migrants whose first visa is an employer sponsored visa. They are less 
likely to get a job in their nominated occupation and more likely to downskill into lower skilled 
occupations (Figures 6.1 and 6.2).  

Fixing the international student pathway requires nuance. Our analysis does not distinguish 
between selection effects (this pathway selecting migrants with characteristics less valued in 
the Australian labour market) with causal impacts (poor outcomes of international students 
may occur because they are studying primarily to get a visa, rather than because they are 
interested in working in that field). Migration policy relating to international students must also 
consider the large direct benefits of the international education sector to Australia.  

We suggest three policy options to improve the international student pathway. 

The first is that permanent visas should typically only be offered to international students once 
they are working in a professional job in the Australian labour market, on either a Temporary 
Skilled or Graduate visa. Points tested visas (currently the main permanent visa option for 
international students) should be the exception, not the rule, for international students. They 
should be offered only for a select set of occupations (like medical professions) where points 
tested migrants have a track record of success.  

The second is to remove existing weights in points tests that prioritise Australian education, 
including points for regional study and professional years. This preference is justified on the 
expectation that Australian education is more relevant to Australian employers. However, the 
opposite relationship is found in the data (migrants with equivalent offshore education 
outperform international students). These points category weightings may distort the human 
capital decision of migrants, encouraging them to study purely to achieve points rather than 
making optimal educational decisions. Such distortion is likely to have large implications for 
long-term migrant earnings.  

A third option is to find ways to better identify the highest performing students, such as 
university medallists or doctoral students in particular “high-value” fields. One possibility would 
be to allocate a share of National Innovation Visas to recent graduates.  

 

Policy 3: Designing occupation lists to reflect the importance of 
Australian experience 
In Section 5, we show that the rates of occupational matching and downskilling vary 
substantially across occupations. We interpret this variation in outcomes as reflecting different 
roles of credentials in different occupations: 
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- In some occupations, two accredited workers are broadly substitutable.  
- In other occupations, accreditation acts as an entry point for employees, but employers 

are also looking for a variety of skills that aren’t captured by the accreditation process.  

In the second case, experience in the Australian labour market is more important as it signals 
that migrants have the necessary unobservable characteristics to be employed in an industry.  

This suggests a policy which only offers visas to migrants without Australian labour market 
experience (offshore migrants and international students) in occupations with high matching 
rates (such as medical professions). In other occupations, permanent visas should only be 
offered to migrants with proven Australian labour market experience. 

Policy 4: Prioritising occupations identified as long training gap 
shortages by Jobs and Skills Australia 
In Section 5, we show that the classification of occupation shortage drivers produced by Jobs 
and Skills Australia is highly predictive of migrant outcomes in the Australian labour market. 
Occupations classified as “Long Training Gap” have the best outcomes, while occupations 
classified as “Retention gap” and “Short Training Gap” have the worst outcomes.  

The relationship between occupational shortage drivers and migrant outcomes is intuitive. 
Where a shortage occurs due to a lack of qualified workers, a migrant is likely to find 
employment in Australia. However, an occupation where a shortage occurs because wages and 
conditions are not sufficient to retain workers is similarly unlikely to retain a migrant.  

The classification of shortages used in Jobs and Skills Australia is not the only approach that 
can be used to define shortages. Further analysis could refine this approach and target 
occupations most suitable for migrant workers. However, given the strength of results in Section 
5, the Jobs and Skills Australia classifications provide a logical starting point.  

Broader insights into the economics of migration 
Australia hasn’t saturated the high-skilled section of the Australian labour market 

Certain authors (for instance Clemens and Chand, 2023) have suggested Australia’s focus on 
high-skilled migrants has saturated this section of the labour market and contributes to migrant 
down-skilling. If this were the case, we would expect this down-skilling to occur evenly across 
migrants from different visa pathways. Instead, our analysis in in Section 5 shows down-skilling 
rates vary significantly across migrant groups (down-skilling rates are low for migrants from the 
Temporary Skilled and Working Holiday Maker pathways and higher for students and offshore 
migrants). 

This suggests that downskilling rates within the Australian migration program are more likely due 
to the suitability of migrants’ skills and training than to systemic oversupply of high-skilled 
labour. 

Outcomes from different migrant pathways don’t vary significantly between years 

Another important insight from our analysis of occupation matching is that the matching rates 
for migrants from different temporary visa pathways stay relatively stable across years (Figure 
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5.3). This implies that migrant characteristics are more important than short-term labour market 
characteristics in predicting migrant employment outcomes.    

The implication of this pattern is that migration policy should focus on the individual 
characteristics of migrants rather than short-term labour market characteristics. Stability of 
migrant outcomes across years also means that backwards looking empirical analysis (such as 
that conducted in this paper) is likely to be “externally valid”, and thus pertinent to the design of 
future policy.    
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Appendix A: Details of data construction 

The project has been conducted using datasets made available through the Person Level 
Integrated Data Asset (PLIDA). These datasets include:  

- All Australia Tax Returns and Payment Summaries from 2010-11 to 2021-22 
- Visa records (including from visa applications and settlement data) 
- Visa applications data from 1990 onwards 
- Settlement data for permanent migrants from 2000 onwards 
- ‘Travellers data’ containing information on moves into or out of Australia 
- PLIDA geographic data (derived from Medicare, tax, social security and other sources) 
- PLIDA onshore data 
- The 2016 Census 

The analysis in this paper extends the approach used in Varela and Breunig (2024). This 
approach uses annual tax data to create a panel dataset, which is then used for the analysis in 
this paper. This dataset contains a 100% sample of all migrant tax returns and a 10% sample of 
non-migrant tax returns.30 

Details of this construction are provided below. The main differences between the approach 
used in this paper and that used in Varela and Breunig (2024) are: 

- Identifying a “main visa” that a migrant holds in a financial year 
- Creating a first substantive visa variable based on historical visa grants data. 
- Using the ABS scoping variable to identify whether an individual is in Australia31 
- Adjusting income for the number of days in Australia 
- Creating variables to describe the extent to which a firm relies on migrants 

Income 
The income variable is created for the years 2010-11 to 2021-22 using the following hierarchy: 

- If an individual is observed to file a tax return in a given financial year, then income is 
equal to net taxable income from the tax return. 

- If no tax return is filed, but one or more PAYG payment summaries are observed, then 
income is equal to the sum of all payment summaries.  

- If no tax return or summary statement is observed and that person is in Australia (based 
on the PLIDA location file) then that person is allocated zero income. 

Using payment summaries to reinforce tax return data is particularly important when measuring 
temporary migrant income as several temporary visas have simplified tax arrangements 
designed so that they don’t have to file a tax return.32  

 
30 This 10% sample is taken to reduce computation times.  
31 This variable has recently been introduced to PLIDA and was not available when we produced Varela 
and Breunig (2024).   
32 See for instance the arrangements for WHM migrants at https://www.ato.gov.au/individuals-and-
families/coming-to-australia-or-going-overseas/coming-to-australia/working-holiday-makers  

https://www.ato.gov.au/individuals-and-families/coming-to-australia-or-going-overseas/coming-to-australia/working-holiday-makers
https://www.ato.gov.au/individuals-and-families/coming-to-australia-or-going-overseas/coming-to-australia/working-holiday-makers
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For analysis comparing income levels of different migrants, we scale up the income variable by 
dividing by the proportion of days an individual spends onshore. We also drop any individuals 
that spend less than half of the year onshore. The rationale for this adjustment is that many 
temporary migrants spend less than a full year onshore and this creates an equivalent per-day 
earnings rate. 

Visa definitions  
We group temporary migrants into the following categories: 

Visa category Visa codes 
Student 402, 500, 550, 551, 552, 553, 554, 556, 

560, 561, 562, 563, 570, 571, 572, 573, 
574, 575, 576, H11, H32, H33. 

Graduate 476, 485, 497. 
Temporary Skilled 400, 401, 418, 422, 457, 482. 
Working Holiday Maker 417, T18. 
Seasonal work 403. 
New Zealand 444. 
Bridging 010, 020, 030, 040, 041, 050, 060, 070 
Other Temporary 303, 405, 406, 407, 408, 410, 411, 412, 

413, 414, 415, 416, 419, 420, 421, 423, 
424, 425, 426, 427, 428, 430, 431, 432, 
433, 435, 437, 438, 439, 440, 441, 442, 
443, 446, 448, 449, 450, 456, 459, 461, 
462, 470, 471, 488, 499, 580, 590 

  

This categorisation is based on the Home Affairs classification of visas included in PLIDA. 
Where an individual holds more than one visa in a financial year, we assign the individual to the 
visa category which they hold the longest.  

Creation of the first visa category 
We create a first visa category using the visa grants dataset. This selects the first visa observed 
by any individual (excluding tourist visas and bridging visas). After constructing this variable, 
some individuals were observed in the Australian tax data in years before their first visa. The 
most likely explanation is that this group of migrants were not grouped together in the 
administrative visa data. We drop all years of data from before the first observed visa when 
conducting the analysis in this paper.   

Firm reliance on migrants 
Section 8 of the paper examines the relationship between firm reliance on migrant labour and 
the wages they pay to these migrants. For this analysis, we construct several ABN-level 
variables by linking payment summary data to visa data, and then calculate at an ABN-level:  

- Total wages 
- Total wages to temporary migrants  
- Total wages to permanent migrants  
- Total number of payment summaries  
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- Share of wage bill received by temporary migrants  
- Share of wage bill received by permanent migrants 

 

Geography 
We use location information from the PLIDA geography module. This information is derived by 
the Australian Bureau of Statistics using a combination of Census, DOMINO Centrelink 
Administrative Data, Medicare Consumer Directory, and Personal Income Tax data. From these 
sources, the PLIDA geography module prioritises the data source where the address has been 
most recently updated. 

PLIDA includes geographic data at the SA1 level. We aggregate this into four categories (city, 
inner regional, outer regional/remote and not linked) based on Greater Capital City Statistical 
Areas (ABS 2021). 

Education 
The Education variable is based on highest level of educational attainment from the 2016 
census.33 This information does not vary over time for an individual. Education is aggregated to 7 
categories: 

- PhD 
- Masters 
- Grad certificates and diplomas 
- Bachelor’s degree 
- Certificates and diplomas (excluding Cert 1 and 2) 
- Completed high school 
- Less than high school (including Cert 1 and 2). 

Occupation 
Occupation is based on self-reported occupation from tax return data. These data follow the 
Australian and New Zealand Standard Classification of Occupations (ANZSCO). They are 
collected on tax returns at the six-digit level but are aggregated to the two-digit level for the 
Mincer and Oaxaca-Blinder analysis. The two-digit occupation classifications generate 45 
categories. The dataset contains missing observations which are included in regressions as 
their own category.  

Occupational matching analysis in Section 5 uses 4-digit occupational categories.  

The strengths and limitations of using self-reported occupation from administrative tax data are 
considered in Hathorne and Breunig (2022). They find that analysis that relies on cross-
sectional variation (such as we do here) will produce nationally representative results but 
caution against using this data to examine the timing of job switching. 

 
33 Q29. “What is the level of the highest qualification the person has completed?” 
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Country of birth 
Country of birth is based on the 2016 census. This variable is reported at the country level in 
census data. The 10 countries with the largest number of observations are included as their 
own categories, while all other countries are aggregated on a regional/continental basis. The 
categories we use are China, India, Indonesia, Ireland, Japan, South Korea, Malaysia, 
Philippines, South Africa, Thailand, United Kingdom, Middle East, North America, Other Africa, 
Other Asia, Other Europe, Other Oceania, South/Central America. 

Approach to PLIDA Linkage 
Different datasets are linked together using the PLIDA linkage keys. This analysis was conducted 
using version 5 of the PLIDA spine. In some cases, these linkage keys are not unique (more than 
one observation from a dataset is linked to an individual on the PLIDA spine). In these cases, an 
observation is selected at random from the PLIDA dataset. Where a variable is unable to be 
linked, the observation is included in the regression analysis and a categorical variable for 
missingness of that variable is created and included for such observations.   

Low linkage rates of temporary migrants 
A notable caveat to using PLIDA to examine the outcomes of temporary migrants is a relatively 
low linkage rate of temporary migrants to the PLIDA spine. This occurs because the spine only 
captures individuals observed in one of the three core datasets: 

- Medicare Consumer Directory (MCD) - Services Australia 
- DOMINO Centrelink Administrative Data (DOMINO CAD) - Department of Social 

Services 
- Personal Income Tax (PIT) - Australian Taxation Office 

We proceed with the analysis in this paper on the basis that temporary migrants who pay taxes 
will be captured in the spine linkage process, and that any additional non-matching is 
statistically independent of migrant outcomes. We also focus our analysis on the intensive 
margin. We do not attempt to measure the share of migrants with no income as we did in Varela 
and Breunig (2024).  
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